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ABSTRACT

A method is developed for investigating time series structure
by using the mean run-length parameter. This method is distribution-
free. Applications to selected annual precipitation series and annual
runoff series demonstrate the feasibility of this method.

Analytical expressions are developed by which the probabilities
of sequences of wet and dry years of specified lengths can be calculated
when the basic hydrologic time series is either an independent or a
dependent stationary series of a variable which follows the first-
order linear autoregressive model.

Numerical values of probabilities of run-lengths are obtained by
the digital computer integration of expansion equations for run-length
probabilities of the first-order linear autoregressive model. A set
of tables and a set of graphs are presented to make the numerical values
readily useable. Probabilities of run-lengths of dependent variables
with a common distribution are also distribution free.

The significance of this investigation, and several applications
in the text, are based on the premise that run-lengths, as statistical
properties of time series, represent attractive parameters in studying

droughts and surpluses.



APPLICATION OF RUN-LENGTHS TO HYDROLOGIC SERIES

Jaime Saldarriaga® and Vujica Yevjevich™*

Chapter I

DEFINITION OF PROBLEMS INVESTIGATED

1.1 Stationary Hydrologic Series. Annual
precipitation, annual effective precipitation (pre-
cipitation minus evaporation), and annual river flow
vary from year to year. This variation is generally
referred to as the sequence of wet and dry years.
These sequences are hydrologic time processes. For
all practical purposes in water resources development,
they can be assumed to be approximately stationary
time series [1,2]. The hydrologic stationary pro-
cesses of annual river flow and annual effective pre-
cipitation are dependent time series. This means
that successive values are linked in some persistent
manner, or sequences of annual river flow and annual
effective precipitation are stationary dependent
processes [2], Sequences of annual precipitation are
very near to being stationary and independent sto-
chastic processes [2].

Hydrologic continuous time processes, such as
river flow discharge, intensity of precipitation and
similar variables, and hydrologic discrete time
series of time intervals, which are fractions of the
day or year, or multiples of the day or the month,
usually are non-stationary, They are periodic-
stochastic processes with various weights of periodic
and stochastic components [3,4,5]., Therefore, they
are non-stationary processes,

The theory and properties of run-lengths, either
already known or developed in this paper, are appli-
cable only to stationary processes of annual time
series of various hydrologic variables. The applica-
tion of the theory of run-lengths of periodic-
stochastic processes to hydrologic complex periodic-
stochastic time series is not feasible at the present
time for the simple reason that this theory has not
yet been developed in the form to be applicable to
discrete hydrologic time series composed of periodic
and stochastic components,

1.2 Practical Significance. Sequences of
annual values of many hydrologic variables have
several practical connotations. The behavior of
severe and prolonged droughts, with their properties,
may not be known with sufficient accuracy to allow
the probabilistic prediction of their occurrence,
duration and areal coverage with a sufficient degree
of reliability. Statistical properties of runs of
time series may represent one of the best ways for
an objective definition of drought [6]. This inves-
tigation of run-lengths and their application to
series of wet and dry years is related to some sig-
nificant problems of hydrology and water resource
development,

Apart from determining the probabilities of
droughts of various durations and severity at one

point or over a region, the probability of droughts
occurring in adjacent regions have significant
economic implications. If two or more regions

produce an important crop, or are supplying water
to the producers of the same industrial product,
then the conditional probabilities of droughts
covering simultaneously these regions may be of
importance to various plans.

The probability of an extended period of wet
years is similar to the problem of the probability
of droughts. It may be important for restoration of
biological cover in semi-arid or arid regions, or
for the fight of prolonged pollution produced during
dry years in soils and various water environments.

1.3 Two Problems Related to the Application of
the Theory of Run-Lengths to Hydrologic Processes.
A run 15 defined, in probability theory, as a succes-
sion of similar events preceded and succeeded by
different events. The number of elements in a run
is usually referred to as its length. Therefore,
the successions are called run-lengths. Two types
of events must be appropriately defined, either as
greater, or smaller values than a given value,

The application of the theory of run-lengths to
hydrologic stationary processes may be viewed from
two basic standpoints:

(1) Some parameters of the run-lengths, as
functions of another parameter, may be used for the
investigation of stochastic hydrologic processes,
particularly whether the series are stationary or
not, and if so, whether they are serially independent
or dependent. If found to be dependent, the interest
is, what are the best mathematical models to describe
this dependence,

(2) To determine, in the most reliable way, the
properties of run-lengths of a hydrologic series
whenever it is found to be stationary, independent,
or dependent, and the mathematical model of depen-
dence is found to describe well the empirical
dependence, if the series is dependent.

Before these two standpoints are discussed in
detail, the two classical methods and the two new
potential methods, including runs, are briefly
reviewed in order to better define the problems in-
vestigated in this paper.

1.4 Methods for Investigation of Hydrologic
Sequences. Four methods based on specific statisti-
cal parameters, as they change with other parameters,

1. Autocorrelation analysis. Parameters
involved are the autocorrelation coefficients, oy ,
as a function of the lag k between the correlated

*Former Ph.D. Graduate of Colorado State University, Civil Engineering Department, Fort Collins, Colorado, now
temporary Research Associate, Civil Engineering Department, Colorado State University, Fort Collins, Colorado.

**professor of Civil Engineering and Professor-in-Charge of Hydrology and Water Resources Program, Civil

Engineering Department, Colorado State University,



are or may be effectively used for the investigation
of hydrologic processes:

values, or py = f(k) , with o, defined by

cov(x.x. .)
i isk”
op = Var x, = £(k) (1.1)
for a discrete time series. The values py are

estimated by the sample values T .

The use of autocorrelation analysis as an inves-
tigative technique of hydrologic time series is based
on the concept of analogy. One should know the cor-
relograms of particular processes, and then by sta-
tistical inference determine whether a computed
correlogram of a hydrologic process is well approxi-
mated by the correlogram of a known process., To read
the type of process that results from a correlogram,
the alphabet of correlograms must be known.

2, Variance spectrum analysis. Basically this
is the Fourier series analysis where an infinite num-
ber of elementary periodic components, with a con-
tinuous distribution of frequencies, is fitted to an
observed series, The parameters involved are the
variance densities, wvg , of various harmonics
fitted to this series, represented against the fre-
quencies f as the parameter, The variance of a
harmonic is equal to the half of its squared amplitude.
This type of analysis is a representation of the pro-
cess in frequency domain,

ve = (6 (1.2)
while the autocorrelation is a representation in time
domain, or any other dimension on which the process
occurs (say, the length). It might be noted that the
variance density spectral function is the Fourier
transform of the correlogram. The variance densities
vg are estimated by the sample variance densities,
Ve

The use of variance spectrum analysis as an
investigative technique of hydrologic processes is
also based on the concept of analogy. Statistical
inference should be performed to find whether a com-
puted variance spectrum of a hydrologic process is
well approximated by the variance spectrum of a
known process. A reading knowledge of the alphabet
of variance spectra should be known to advance hy-
potheses on the kind of mathematical model for the
process investigated.

3. Ranges. The ranges, Rp , are defined in
terms of differences between maximum and minimum on
the cumulative sums of departures of values from the
average, or from any other value, for given subseries
sizes, n . The expected ranges, E(Rp) , or similar
parameters, as random variables, are related to the
subsample size, or

E[RnJ = £(n) 13y
Let (X;; i=1,..., N} be the observed sequence, and
let X, be a specified truncation level which in
general represents the reference level. Then the
sum is

)

5; = {x; = %) o (1.4)

- T
for i=1,2,..., n . The surplus is defined by

sn+ = max (0,53 for i=1,2,...,n , (L.5)
and the deficit by

§ " =wanin 0,8Y . =620 0 (1.6)

n 1

where n Trepresents the size of a subsample taken
from {x;} .

The range is defined by

+ -
R_.=8§5 - Sn

i 0 (1.7)

= max{o,si} - min{O,Si} .

for: ImliZooiim

As in the case of the autocorrelation and vari-
ance spectrum analyses, the use of the expected
range (or of a similar parameter), as a function of
n , may be conceived as an investigative technique
of hydrologic series. It should be based also on
the concept of analogy. The parameters E(Ry) are
estimated by the sample mean ranges, R, . The com-
parison of the function Ry = £(n) with the function
of the same parameter of a known process allows the
advancement of hypotheses about mathematical models
describing dependence of a stochastic process. The
statistical inference of the goodness of fit of
these theoretical and hypothetical models decides
whether they should be accepted or rejected. The
alphabet of these range functions for various types
of processes should be known before hypotheses are
advanced.

4. Runs. Various properties of runs, clearly
defined, have parameters a , which may be used as
function of another parameter £ , so that a = f(8)
is a characteristic of a process of independent or
dependent sequences. For the purposes of this paper,
the run is identical to the concept of run-length.
Basically, both are the number of consecutive posi-
tive or negative departures from a specified constant
value called here the truncation level. In this
narrower definition of runs, positive runs are asso-
ciated with positive departures and negative runs
with negative departures. The structure of a series
may be analyzed by studying the properties of runs
at different truncation levels. Parameters of runs
have practical meanings in hydrology, because a
positive run can be associated with the duration of
a wet period or with a water surplus interval, while
a negative run can be associated with the duration
of a drought, or with a water deficit interval.

5. Comparison of four techniques. The two
classical techniques for the investigation of time
series are autocorrelation analysis and variance
spectrum analysis. The way they are used in explor-
ing the internal structure of a process depends to
some extent on the purpose of inquiry and prior
knowledge of the generating system of the process.
The correlogram tells something about the linear
relation between the consecutive values of a series.
The spectrum exhibits the extent the series is in
step with certain fundamental rhythms, measured at
various frequencies [7]. These two techniques offer
no particular advantage over other parameters for the
task of investigating the properties of various
sequences. One fact seems clear, namely that it is
difficult to use the two functions Py = f(k) or




vg = W(f) , respectively for these two techniques,
directly in the solution of various water resources
problems.

Ranges and runs are two techniques that can be
used advantageously in water resources problems and
at the same time, they may be used to investigate
hydrologic processes. They can be readily associated
with concepts of storage and drought, or with concepts
of surplus and deficit, which are of interest to the
solution of various water resources problems., This
is one of the main reasons for investigating proper-
ties of run-length for both objectives: the inves-
tigation of hydrologic stochastic processes, and the
direct computation of properties of runs, from the
information in samples of these processes.

6. Runs as the technique. If a truncation level
is specified, the run-length associated with a nega-
tive run represents the duration of a deficit rela-
tive to this level. The probability of length of the
deficit periods is relevant for the planning, design,
and operation of water resources systems.

The structure of a stochastic process is reflected
in the properties of runs that it generates at speci-
fied truncation levels., For example, independent
variables with a common distribution are characterized
by a mean run-length equal to two for a truncation
level equal to the median of the distribution of
variables. Identically distributed variables with a
highly positive first serial correlation coefficient
are characterized by a mean run-length greater than
two at the same level. On the other hand, identi-
cally distributed variables, with a highly negative
first serial correlation coefficient, are character-
ized by a mean run-length smaller than two at the same
level. These properties, which are investigated in
detail in the following chapters, should justify the
use of runs not only in the making of water resources
decisions, but also as a technique for the investiga-
tion of series, and more specifically for the testing
of stationarity and of mathematical dependence models
of hydrologic processes,

1.5 Two Approaches to Investigations of Sto-
chastic Sequences. Regardless of which of the four
methods of investigation of hydrologic sequences is
used, a sequence of a parameter as a function of
another parameter characterizes a stochastic process,
like the functions py = f(k) , vg = v(f) , ER, =

f(n) , or ENq = f(q) This last case is an example

of runs, where ENq is the expected value of run-

length, estimated by the sample mean run-length N ,
as it changes with the probability q of all values
of a variable not greater than the truncation level.
These four functions, related to autocorrelation co-
efficients, spectral densities, expected ranges, and
expected run-lengths, should have well-defined math-
ematical expressions for various stochastic dependence
models, or for processes composed of the periodic and
stochastic components. Particularly, these four
functions for the population of a stochastic station-
ary and independent process are well defined.

Two approaches for investigating time series may
be used. The first approach consists of the analysis
of original data. It is here referred to as the use
of the original sample series. In this case, anyone
of the four above functions is computed from the

sample series, and compared with the family of
corresponding population functions for various mathe-
matical dependence models. Then a model is selected,
its parameters estimated, and the population function
compared with the sample function in such a way that
their differences are or are not statistically sig-
nificant, If they are significant, new models are
selected as hypotheses, their parameters estimated,
and the comparison repeated. The knowledge of shapes
of above functions, oy " £{k) Vg = y(f) , ERn =

f(n) , EN
{(n) , or q

mathematical dependence models is a prerequisite, so
that sight comparison with the sample function of
any of the above four functions may lead to the most
likely hypotheses for the population models.

= f(q) , for various hydrologic

The second approach assumes a mathematical model
for the dependence of a process that is composed of a
systematic dependence component(s), and an indepen-
dent stochastic component, A residual series is
obtained by separating the systematic dependence com-
ponent(s) from the original series. Under the hy-
pothesis that the assumed model is an adequate repre-
sentation of the process, the residual series after
this separation should be a sequence of independent
stochastic variables. The independence of the rTesi-
dual series is then tested. The assumed dependence
model is accepted or rejected, depending on whether
the independence of the residual series was accepted
or rejected. This procedure is here referred to as
"whitening,' meaning that the residual series is
expected to be a "white noise," or independent series.

It is perhaps interesting to emphasize a basic
difference between these two approaches. The first
approach does not assume a model a priori for the
process, but rather the curve of the sample function
leads to the hypothesis about the structure of the
process, so that eventually a mathematical dependence
model can be fitted to it. The second approach may
start a priori by assuming a dependence model for the
process, without computing the sample function, and
after the model parameters are estimated, the supposed
independent stochastic component (white noise) is
computed and tested. Logically, the sample function
in any of the four above methods helps advance a more
realistic hypothesis about the model. However, if
previous knowledge about these models is already
available for the similar processes in a region, the
hypothesis can be advanced a priori, and the whiten-
ing and testing performed in an appropriate way.

In order to use the methods of run-length for
investigating hydrologic sequences, run properties
should be known for various mathematical dependence
models of hydrologic sequences, regardless of the
two approaches used. Therefore, the objective of
investigation in this paper is to add knowledge about
the properties of run-lengths for some mathematical
dependence models of stationary hydrologic processes.

As an example, let the hypothesis be that {X.}
is a first-order linear autoregressive process in
the form

X. =y = al{xi-l'") + a/l—o% €5

: (1.8)

the expected value and o2 the variance of
is a standardized stationary independent

with u
X, Ei



variable (0,1), while ChY is the first autocorrela-

tion coefficient. The parameters, u , o¢2 and Py
are estimated by sample parameters X , 52 and T,
The "whitened" series is
& = ——— [X;=-py (X;_;-w)] (1.9)
0fl~pz

Under the given hypothesis, {Ei}

of standardized, independent random variables.
the whitened series is tested for independence,

is a sequence

Then

1.6 Objectives for Determinating Properties of
Run-Length. The first objective of this study is to
develop a method for investigating stationary inde-
pendent and dependent hydrologic time series by using
statistical parameters of runs. Four phases must be
involved in this investigation:

(a) Mathematical formulation of the
problem;

(b) Selection of suitable parameters for
testing hypotheses of stationarity and time dependence;

(c) Statistical inference for stationarity
and time dependence models, and

(d) Tests of application of the method to
some selected time series.

The second objective of this study is to develop,
in an approximate apalytical procedure, the proper-
ties of run-lengths of the stationary, first-order,
and linear autoregressive mathematical model of time
dependence, as defined by Equation (1.8). This
objective has a significant, practical aspect, as
shown by the following example.

For a river with large storage capacities, what
is the probability of a drought to occur with a dura-
tion of n or more years, if the drought is defined
as a run of all annual inflows into reservoir of
above capacity, which are not greater than a given
annual runoff. In this case, it is possible to deter-
mine the truncation level of the series of annual
runoff and from it the probability q If the
dependence in the series of runoff can be well approxi-
mated by the model of Equation (1.8), and . , o ,
and pl are estimated from it, then the results of

investigations in this study should answer readily
and accurately the above classical problem. The
available runoff series may not include even a drought
of the duration of n/2 or of a shorter duration, so
that the current empirical methods cannot give an
answer to this problem. There are two reasons for
concentration on the model of Equation (1.8): (1) It
is often the most appropriate model for dependence of
series of annual river flows, and (2) It is simple

for an analytical treatment.

1.7 Definition of Runs. A series of the variable
X 1is cut at many places by an arbitrary horizontal
truncation level, x_ , and the relation of this
constant x_ to all other values of x of the pro-
cess serves as a basis for the definition of runs in
this study. Basically, there must be two processes
intersecting each other in order to define runms.
Because these two processes cross each other, the
theory of runs is often called the crossing theory.
The term "theory of runs" is used in the case of
discrete series [7], and the term '"crossing theory"
in the case of continuous series [8].

One of the two processes must be the original
process. The second process may be a constant Xx, ,
the process of a random variable y , or any other
type of deterministic, combined deterministic -
stochastic, or pure stochastic process. When this
second process is not a constant, the development
of properties of runs becomes complex. In the case
of runs to be used in this study, the main assump-
tions are:

1. Only discrete series are investigated, so
that the expression 'runs" is used;

2. The variable x may have discrete, contin-
uous, or fixed probability distribution;

3, The second process is a constant x_, , or
any constant value in the range of fluctuation of
the variable x ;

4. The probability P(x < x5) = q may replace
the constant x_ , in order to make some properties
of runs indepengent of the type of distribution of x.

The number of values of a discrete sequence
between an upcrossing of the truncation level and
the following downcrossing is defined as a positive
run-length, or briefly, for this study, the positive
run, Similarly, a negative run-length, or the nega-
tive run, is defined as the number of values of a
discrete series between a downcrossing and the next
upcrossing. They are shown in the upper graph of
Figure 1.1, and are designated by

N; for the length of the j-th positive run, and
by N; for the length of the j-th negative run.
The j-th total run is defined as

+

N. = N, + N joli2ias
J J J .

counted from the origin of a time series.

, with , where j is

These may be extended to definitions T; 3 Tj

»

and Tj , as the positive, the negative and the
total run of a continuous process, respectively,
This is analogous to the definitions of runs of dis-
crete time series, as shown in the lower graph of
Figure 1.1.
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Fig. 1.1 Definition of positive and negative runs
for a given truncation level. Upper graph
refers to a discrete series and lower
graph to a continuous series.

Other parameters used in literature as defini-
tions of various runs of discrete time series,

besides N. , N. , and N. , are:
] ] J

1. Sum of deviations associated with positive
runs, as the positive run-sum, or the rum-surplus,

2. Sum of deviations associated with negative
runs, as the negative run-sum, or the run-deficit,

3. Number of positive runs for a given series
of size N ,

4. Number of negative runs for a given series
of size N ,

5. Number of total runs for a given series of
size N

For the continuous time series, the following
parameters other than T : Tj , and TJ are used:

1. Area above truncation level for T. P C
the positive run-sum, or the run-surplus;

2. Area below truncation level for T, , as
the negative run-sum, or the run-deficit;

3. Number of positive runs for a given series
length, T ;

4. Number of negative runs for a given series
length, T ;

5. Number of total runs for a given series
length, T ;

6. Time interval between successive peaks;
7. Time interval between successive troughs.

All of these runs are random variables, and are
functions of the process {x;} and the truncation
level X

Properties of runs relating to these functions
can be directly used in many water resources problems.
If x, determines the level of demand, and if this
level is not reached, a drought occurs., If a flooded
area begins for x > x, , and the flood damage is a
function of the time during which x > x, , then the
distribution of positive run-length and/or run-sum
determines the character of flooding. If a given
type of run is regionalized, or shown over an area
with its isolines, the regional phenomena of drought,
flood, and similar phenomena may be studied for their
probabilities of recurrence [6].



Chapter II

SUMMARY AND STATUS OF KNOWLEDGE ON DISCRETE RUNS

2.1 Introductory Statement. Two main aspects
are reviewed, the distribution theory of runs for
both independent and dependent random variables, and
the multivariate normal integral which serves as a
base for the mathematical developments in Chapter III.
The summary is related only to those properties of
runs, which are relevant to investigations in this
paper.

2.2 Distribution Theory of the Number of Various

Runs of Independent Random Variables. The classical
distribution theory of runs has been mainly concerned
with independent arrangements of a fixed or a random
number of several kinds of elements. This is not
particularly relevant for this study, but is summa-
rized for the sake of completeness. In the case of
two different kinds of elements, it is assumed that
the number of elements of each kind are N, and N,
and that they are all randomly drawn without replace-
ment, This is equivalent to sampling a binomial
population, with probabilities of elements, p and

q=1-p, respectively. Let Ki denote the number
of runs of kind (o) of the length 1 , and let Ki

denote the number of runs of kind (1) of the length

i . Finally, let K° = £ k0 designate'ihe number

e, i B

of all runs of elements N0 ¥ Kl = T Ki the number
i

of all runs of elements N1 , and K = K% + Kl the

total number of runs, and N = Ny + Nl the total
number of elements, or the sample size, with
1i# 22500

Wishart and Hirshfeld [9] obtained and tabulated
the joint probabilities of the number of runs

n -1
8]
k -1
o

n_n
0 1

1
P q s

o o - _ .
P(K™ = k™ , No =ng, Nl— nl) = ko

(n +1

(2.1)

n0+l n1 “o
kl P q ]

n,.-1
T A 1
P(K'= k™ , Nj=n_ , N;=n,) = (kl“l]

(2.2)

n

n
= =’ = = 9 1 2 3
P(K=2m, No=n_, N =n ) = 2 p q" ,023)

no-l nl—l
m=1 m-1

and

no-l nU-l nl-l

m-1 m m-1

[}

-

(2.4)

P(K=2m+1, N =n_, Nl=n1) =[(

In Equations (2.1) through (2.4), the capital letters
designate the random variables, and the small letters
the values those variables can take.

As the sample size N increases to infinity,
K is asymptotically normally distributed, with

EK = 2npq + p? + g% = 2(n-1)pq + 1 (2.5)

and

var K = 4npq(l-3pq) - 2pq(3-10pq) (2.6)

However, Cochran [10] gives expressions for the
expected values of the number of positive and nega-
tive runs as

E® = p + (n-1)pq L)

EK' = q + (n-Dpq (2.8)
and

EN = mp , and ENy = nq , (2.9)

with Nc and N, being also the random variables

in this case. 1

Stevens [11] gives the distribution of the
total number of runs, without a regard to their
length, from the arrangements of two kinds of ele-
ments. He develops a yZ-criterion for the test of
significance. Wald and Wolfowitz [12] study the
same distribution as Stevens [11], and show that it
is asymptotically normal. The conditional distribu-
tions of K are

nn-l nl-l
¢ m-1 m-1
P(K = 2m|n0 »my) = = (2.10)
I
8]
and n -1 n-l) n -1| [n, -1
o 1 +| 0
PIK=(2me1) [ny,n ) = LB B A mlinl
%
(2.11)

where n, and n, are values that N0 and Nl can
take. These probabilities are independent of the
parameter p . For n, =oaeny with o> 0 , and

n =+ =«

o
distributions of Equation (2.10) as a normal asymp-
totic distribution with

, Wald and Wolfowitz [12] give the above



2n 4an

El= —2 2

var K = ¥
(1+0)?

(2.12)

For a =1 , the statistic

K-n
0

n
a0
2

is a standard normal variable.

(2.13)

Mood [13] derives distributions of the number
of runs of a given length for the independent arrange-
ments of the fixed number of elements of two or more
kinds of the binomial and multinomial populations.
He shows these distributions as asymptotically normal
with an increase in the sample size. Their expected
values are:

EKS = plq [(n-i-1)q + 2] (2.14)
and
EK} = qp [(n-i-1)p + 2] (2.15)
The statistic
% & K-EK _ K-2npq (2.16)
vvark 2vnpq(1-3pq)

is asymptotically normal with the mean of zero and
the variance of unity. Comparing Equations (2.5) and
(2.6) with the mean 2npq , and the variance 4npq(1l-
3pq) of Equation (2.16), the mean and variance given
by Mood [13], and the mean and variance given by
Wishard and Hirshfeld [9], are different. Parameters
in Equation (2.16) are approximations to those of
Equations (2.5) and (2.6). Bendat and Piersol [14]
give tables for the conditional distribution of K
when N0 = Nl = NJ2

2.3 Distribution Theory of Run-Lengths of
and N,
]

Independent Random Variables. Let N;

denote the positive and negative j-th run-length for
the given truncation level, X, Also let {X} be
the sequence of independent random variables of the
common distribution, F(x), with F(xoj = q, and
1-F(xo) =p , and let

+ i
N.} = {N, + N,
{ J} j J}

be the random sequence of the total j-th run-length.

The probability mass function of N, is given
by Feller [15] as
1. SN,
P(N, =k) = 24 -4 | (2.17)
1 q-P
for k=2,3,..., with

EN, = = , and var N, = 1-3Md
Pq !

i (2.18)
p%q?
The distribution of the number of total rums,
k(N) , in a discrete time series of length N has
the following parameters

EK(N) = (N-1)pq , for N >1 , (2.19)

and

vark(N) = Npq (1-3pq - % + %-pq) , for N > 4; (2.20)

this distribution is asymptotically normal. Downer,
Siddiqui and Yevjevich [16] studied the distribution
of positive and negative run-lengths for a sequence
of independent identically distributed random vari-

ables, and applied it to the normal variable. They
have shown that (N} is also a sequence of indepen-

dent identically distributed random variables with
the probability mass functions

P(N; =k) =gp" , and POV = K) = pa*t , (2.21)
and their moments are
1 1
EN, = = EN. = = 222
q P ( )
var N} = & var N} = % (2.23)
q P
For the case p=gq=1/2 ,
* - 1
P(N, = k) = P(N; = k) = = , (2.24)
i j 2K
ENT = ENT = 2 (2.25)
i ] ’ .
and
var N; = var N; =2 (2.26)

Llamas [17] studied the case of standard, one-
parameter Gamma random variables, with the probabil-
ity distribution function

slartim)

—a-tVo
T'(a) ¢

X
F(x) = [

-Vo

dt . (2.27)

, he obtained p = F(0) = P(a,a) , and

q=1- P(a,a), where P(a,a)
Gamma function, or

For X, = 0

is the incomplete

1
T'(a)

P(a,0) = [ s i (2.28)
0



Llamas and Siddiqui [18] studied the case of a
sequence of a two-dimensional random process {x,yl ,
where the two variables are independent and have a
common distribution function, F(x,y) Given the two
levels, X, and T 2 such that o < F(xo,yo) A

the four possible events are defined as

A

n
i

(XX, ysy) o B=xex,y>x)

Cm lxray pryt & Bw x> g% )

Both sequences are associated with the sign minus if
A occurs, and with the sign plus if D occurs. The
sequence of k consecutive A events followed and
preceded by any other event is a negative run of the
length k . The sequence of k consecutive D
events followed and preceded by any other event, is

a positive run of the length k , and for the initial
run the requirement of "preceded by" is dropped. If

A% s the complement set of A , then

P(A) = F(x,,¥)) =q , and P(A%) = p

Llamas and Siddiqui have shown [18] that

k-1

P(N; =k)=pgq ) (2.29)

with

EN, = , and var N, = 4 J
J ] 2

P

(2.30)

e d bl

the analogous relations hold for N; for its corre-

sponding values of p and q .

2.4 Distribution Theory of Run-Lengths of
Dependent Random Variables. For a Markov chain with
two states (0) and (1), Cox and Miller [19], give the
transition probability matrix of this chain, which is

P = ; (2:31)

They give the distribution of the recurrence time of
state (0), designated by N° , which is equal to the
run-length of state (1) plus unity, as

P(N°=k) = aﬁ[l-ﬁ)k-z , for k=2,3,..., (2.32)
and
P(N%<k) =1 -a , for k=l (2.33)
The mean recurrence time of the state 0 is then

EN® = 3%5 (2.34)

Similar relations hold for the recurrence time of the
state (1), which is equal to the run-length of state (0)

plus unity, designated by N* , by interchanging
a and B

Heiny [20] defines the two states with their
transition probabilities of the Markov chain as

P(xj > xolxj_, >x) =1 , and
P(xj < ho[xj-l >x)=s ,

with r + s = 1 . The following relations are valid

for this Markov Gaussian process {x}:
+ — k-‘l 2
P(N" = k|x1 > 0) = st [1 + 0(p2)], k=1,2,3,...;
(2.35)

with

EN'[x, > 0) = £ [1+002)] , (2.36)
and

var (N |x, > 0) = £ [ RO . (2.37)

B

where 0(p2) indicates an expression that becomes
negligible for small values of p . He also found
an approximation for the conditional joint proba-
bility mass function of the first j positive and
the first j negative runs, given X2 0, as

follows:

P[N;=nj. N5=mj, N;_1=nj_l,..., NI=n1, N, [x,>0) =

= srnl-l tvml‘l srnzq1 tvmz-l ..srnj'l tvmj-1[1+0{pz)L
where Leaed

t = P[xj > xoixj-l e, 1 O P(xj :_xoij_li xo) 4

This treatment, however, has two disadvantages:
(a) it is based on a conditional probability that
Xy ® 0, and (b) it is applicable only to very small

values of p , since the errors 0(p2)
nificant for larger values of p .

may be sig-

2.5 The Multivariate Normal Integral. Gupta [21]
presents an exhaustive bibliography on the multinormal
integral and related topics, and gives a review [22]
of these works. Only works that do not overlap with
references in [21] and [22], but are related to
mathematical developments in the following chapcers
are reviewed here.

The multinormal integral is involved in the
theory of runs of dependent normal variables because
it is directly related to the problem of h auto-
correlated random variables, 21, 22""’Zh' If

these variables have a standard multivariate normal
distribution, the problem to solve is the probability



that all h variables are simultaneously positive.
A new sequence of random variables (X} is defined
as follows:

1 foxr %0

-1 for Z <0

The probability that all h variables are simulta-

neously positive is P (h+) , where the index m
indicates that the trufication level Xy of the ran-

dom process {X} 1is the median of the distribution
of {Z} . For Tiy = EXin , McFadden [23] gives,

for any h > 4

Pm(h+)=2-h[1 + Y

Xy # | P e, B
jzizl 1 rk>j>i>1 Bk e gk

+ riirjk +0(x®H] . (2.39)

For p.. = EZ.2. ,
ij 173

E.. =

2
55 % lr

S

arc sinp,. =
i

i 3
J 0(p3] - (2.40)

ij

If Equation (2.40) is substituted into Equatiom (2.39),

+ -h 2 y
Pm(h ) = 2 [l ¥ Z arc 51npij
32zl

= PPy ® Byipaa o+ Ofp2)| w (2441)
“2£>k>j>i2} 1)7ka 1k" 34

Obviously, and for the univariate case, Equation
(2.41) becomes

# o1
P =5 (2.42)

For the bivariate case, the result is known as
Sheppard's theorem [24] of the median dichotomy; it
is

P (2) =

e ]

1 7
* 5y arc simp . (2.43)

This equation is tabulated in the Tables of Mathe-
matical Functions of the National Bureau of Standards
[28] for P , which varies from 0 to 1, with incre-
ments of 0.01. For the trivariate case, the follow-
ing result is given by David [26]

+ 1 .
Pm(s ) = + Z;—{arc51no

o=

1p * arcsinp, . + arcs1np23] .

(2.44)



Chapter III

PROBABILITIES OF RUN-LENGTH OF THE FIRST-ORDER LINEAR

AUTOREGRESSIVE MODEL OF NORMAL VARIABLES

3.1 General Notations and Expressions for Pro-
babilities of Run-Length. For purposes of simplicity,
the following notation is adopted:

P[Xlixo,xzigo,...,xkjﬁc,xk+1>xo,xk+2>xo,..., xk+j>x°}
- L+
=Pk ;3) ,
9
and P{Xl>xo,x2>x0,...,xj>x°} = P{j"3
with k=1,2,... and j=1,2,... +
The probability of the first positive run-length Nl
from the beginning of a series being equal to or
greater than j , is
+ i o w - %
PN, 23) =P() + 1 P(K,5) (3.1)
k=1
The probability mass function of N; is
PON] = §) = PN} 2 §) - PN 2§ + 1) (3.2)

The computation of joint probabilities P(k ,j’)
requires the joint probability distribution of the
variables xl,xz,... This joint distribution for

the purposes of this study is assumed multivariate
normal.

3.2 Statiopary and Ergodic Multidimensional
Gaussian Processes. An arbitrary Gaussian random

process {xi} 5 OT Xy ,Xoy e, X, where 1i=1,2,...,n

at arbitrary or equally spaced positions in time, has

the multivariate normal distribution in n dimensions.

This process is completely described by the param-
eters of this distribution: the expected values
E(xi) , i=1,2,...,n, and the covariance matrix,

cov(xi,xj) as a function of i and j

A multivariate Gaussian process is stationary
if, and only if, the expected value is constant and
the covariances depend only on the lag |j-i| , and
are independent of i For any stationary process

Exi is equal to u , and cov(xi,xi*k) is equal to
C(k).

In particular, C(o) is equal to var x and
is a constant independent of i The function C(k)
is the autocovariance function, while

<

oK) = (3.3)

o

o)

is the autocorrelation function. It specifies the
correlation coefficient between values of the process,
which are k intervals apart, and it is the k-th
autocorrelation coefficient.

Let {x} be a stationary Gaussian process with
zero expected value and variance unity. Its probabil-
ity density function is

10

s
i R

2n

(3.4)

The bivariate probability density function of X
and x, , with Ex, = Ex, = 0 , and var x, =
] 1 ] i

var x, = 1 , is
]
£(x,,%,)= : exp| - Lx2.20, x.x,4x2)| , (3.5)
L 25/ Tp . s Ml it . L |
1]
where P is the correlation coefficient between
54 and Xy The multivariate normal probability

takes a more com-

(3.5) and
the correla-
,xn is the

density function of x.,x o
! 1 | |

PIED
plex form, but is analogous to Equation
given by Equation (3.9). In this case,

tion matrix of random vairables Xy9Xosens

n by n matrix with the elements Py representing

the correlation coefficients between any two variables

X3 and xj, i=1,2,...,n and j=1,2,...,n. It is a
symmetrical matrix since pji = nij , and all elements
of the main diagonal are one. For a stationary pro-
cess

s m e e e ; (3.6)

15 " Sla=t] T Rk

with k = |j-i| ; therefore, all elements of any
diagonal are identical. The correlation matrix of a

stationary process is

L. A B P2 A=
A fo-2
=2

. %
fa-2 A

p |

=l ‘n-2 2 |

If the random process {x} is second-order stationary,

as described above, and if the expected values and
crossproduct functions defined by averages of indi-
vidual realizations (sample functions) as

Ex, = (3.7)

1 N
lim = J x
1 Ko N i=1 i

and



y -
E"i"m';:f nigl Xi%iex 2 (5.8) P(k™,57) = £ i i i F . (3.11)
then the process is ergodic. A second-order station- X J

ary and ergodic Gaussian process is also strictly 7 i F P :
stationary and ergodic, or higher-order stationary Substituting dF by its equivalent into Equation

and ergodic. This means that all ensemble averaged (3.9) gives
statistical properties are equal to the corresponding
time averages. Hence, the verification of self- x x
stationarity for a single time series justifies the Pk .+} - 1 !0 ro fm I@
assumption of stationarity and ergodicity. 2 (2r n72|RI]72 v ek f ians
) SoTr Th %p
3.3 Multivariate Normal Probability Density k 3
Function. The normal distribution of n variables
is 1 n n n
. [ oo . . exp {- 7 jzl kglajkxjxkj‘zldxg i (3.12)
t:anﬂ’}—2 exp {— 7 Z ): a.kx.xk} I dx. , J
(2m)™ “/TRT j=1 k=1 7% 3 851
where n = j + k . Equation (3.11) is the multi-
; normal integral. No explicit expression exists for
MHATE, IhE TREARGINE: Splipusivgiy TG SApREEad the general solution ofpthe multinormal integral.
values of zero and variances of unity. Also, |[R] Efforts are devoted to finding expressions for seve-
is the determinant of the correlation matrix of these ral cases of this multinormal integral in this study,
variables, while ajk are the elements of the in- so that specific numbers can be assigned to probabil-

ities in Equation (3.12). These probabilities will
be called joint probabilities to distinguish them
from the probabilities of runs.

verse of the correlation matrix. The characteristic
function of this distribution is not expressed in
terms of the inverse of the correlation matrix, but
in terms of the elements of the correlation matrix
itself. This property helps in computing probabili-
ties of run-lengths. The characteristic function is

3.5 Probabilities of Runs for Any Truncation
Level. Throughout this subchapter concern is with
the evaluation of probabilities of the type

n n P (k7,i") = prob(X,<x ,...,X,<x X, >x_,...,X,  .>X
o(t) = exp {é ! Zoi"i"} ' (3.10) g™ 72 PPN e gy
j=1 j=1 143
where q = F(xo} . To simplify notation, the sub-
3.4 General Expression for Joint Probability of index q 1is dropped, and it will be used only when
at Least k Subsequent Values Below Truncation Level, it is necessary to refer to it.
Followed by at Least j Subsequent Values Above N .
Truncation Level. In order to find an expression for Probabilities P(2) and P(17,1 ). In the
the joint probabilities, P(k~,j*), involved in univariate case, the following expression obviously
Equation (3.1), the following assumptions are made: holds
1. The hydrologic time series of annual preci- P{1+) = f dF = 1 - F[xoj {3.13)
pitation and annual runoff are second-order stationary. x

Some of these series may have, however, a small degree e

of non-stationarity, which comes from either man-made

changes in river basins and around the precipitation

gauging stations, or from the inconsistency in data function. 1In the bivariate case {xi,xi+1j =

[27]. These series should be made stationary by cor-

rections before the theory of runs, as discussed & o, il

here, is applied. SO B S [N LN W i a0 i+1J
2m/1-p2 X, X4 2(1-p2)

where F{xo) is the standard normal distribution

2. The process of annual values is a Gaussian
process or approximately so. This assumption is
justified from the point of view that some runs are - dxidxi+l ’ (3.14)
distribution free, or independent of the underlying
distributions of {Xi) . It is also justified from

the point of view that many non-Gaussian hydrologic and
processes can be reduced to Gaussian processes .
through spp?opriatg transformatioqs. This point will g 1 Io Im x;—anixi 1" %51
be treated in detail in Chapter IV. (3 @1 w=———=— exp | -

20/1-p7 = x_ 2(1-p2)

X

3. The stationary Gaussian processes are stan-

dardized for a simpler treatment of various problems.
With the above three assumptions, the joint : dxidxi+ £3.15)

1
probabilities P(k',j+] can be expressed as

11



These two probabilities are related as

X i X
5 0 Q L
PA,1) =) [ dF= [ [ dF
—w X -o X
o Q
-[ [ deel-F(x) - P2Y) (3.16)
xO xO

Bivariate tables are given by the National Bureau of
Standards [28] for +p = from 0 to .95, with inter-
vals 0.05; and from 0.95 to 1, with intervals, 0.01;
and variates in the range from 0 to 4, with intervals
0.1, to 6 or 7 decimal places. Zelen and Severo [29]
give charts for the bivariate normal integral with

an error of 1 percent or less.

Probability P(3'). For three variables,

P3N = [ [ aF
xO xO xD

The integral of this equation has been evaluated in
terms of the tetrachoric series expansion by Kendall

[20]. It is
Dj Qk DE
¥y o 12°15°23
Bl = 3 E , TR ek XoMap g (%)
At

Byg 1 (RJIEx)

where f(xo) is the standard normal probability

density function, Hr(xj is the rth Hermite poly-

nomial defined by
d\* T
H(x) = ( 41t = (0T £,

and j, k, £ can take the values 0, 1, 2, ... .
The first three Hermite polynomials are HO(x}zl,

- = 2-
Hl(x) x and Hz(x) x=-1 .

Probabilities of the type P(j+). The
tetrachoric series expansion for the trivariate
case [30] can be generalized to the multivariate case
by the following procedure. As discussed previously,
the multinormal probability density function can be
expressed in terms of elements of the inverse of the
correlation matrix. A direct integration of the mul-
tinormal p.d.f. would imply an inversion of this
correlation matrix, if the integral is evaluated in
terms of the correlation coefficients. This can be
avoided, if the Fourier transform of the multinormal
characteristic function is expressed in terms of the
correlation coefficients themselves, and this expres-
sion integrated. This is a parallel procedure to the
one followed by Kendall [30] for the trivariate case.
By definition

+ @ o
PG =) ... [ dF =

xO XO

\....__“1’,__1
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o o @ o
1
= - Aoy d. [ sas t
Zn3 i 1 £ 3.0 o 48
o o
. exp(~i%“ijdtl...dtj " (3.20)
where
X = -3
£ [t1 2...tj] X t1x1+t2X2+...¢tjxj v 3:21)
2
X,
J
Also, $(t) can be rewritten as
b(t) = exp{- % [ % t2+2 p.kt.tk)J . (3.22)
isl b keis1 X7
In using the exponential series expansion
k=j ® T > 7
(-1)
exp(- Z p..t. L Z 4 E p. L.t
k>izl ik"ik som # k>i21 ik ik
(3.23)

Substituting Equation (3.23) into Equation (3.22),

] @ T d
eel-3 L] 1 [

i=1 k>i>1

T
#(t) = piktitk] (3.24)

where

i
kiiblciktitk} - [{p12t1t2+"'+°1ntltn)+(923t2t3+

i i
"'+p2n12tn+"'+°n~1,ntn—ltnﬂ
Lygidgy  Agp dan d Lon pln-l,n
G B ¥ Pis “<Pin Pag'foy < Man “Ph.ln
Lyatipal | Bpidaeliyglecidand eody 10’
5. § S
1 2 n
g 5
t1 t2 tn (3.25)
With Symigo*iygbecotips Symdpptipghecitdpgiend
Sn=iln+12n+"'+1n-l,n

Substituting Equation (3.21) and Equation (3.24) into
Equation (3.20) gives



w o ]
= -1 % 2
(J J (21‘[)] I dx £ dxj ;[...f“exp[ 7 L tiJ
o - i=1
0 o
. Mzt tintzs Y24 don g
e T euT °1z 15 " P1n P23 P24 "'°2n °n-1,n
r=0 VLT LIEEE SPLEPYAE PYLERRE PR S
Byl & o
- - L . . -
tl t2 Sty exp(-it X)dtl.. dtJ (3.26)
By adopting the notation
12213 Ymtas Y2 ‘a  Yyeia
Py2 S8 vtPyy Ray Poy' veBap onelBily p .
Dl Bl Tk, i r = Ale,d)
12°13 T U TR TR TR
(3.27)
Equation (3.26) becomes
PG) = s L DT IAGL) [ dx .. f dx, [... [
Zn3 L4 N N B
o o .
3 i

%
ok dtiziadts o
tj 1 |

L)
exp[— T ialt

2 L
i] exp(-it X}t1

(3.28)

This is the product of j the first of

which is

integrals,
de, Jorple 240 | worariag, o s
1/ ¥ %048y 5 (S

and the remaining j-1 integrals are similar expres-
sions in xi and to. Since

/ exp[- %—tz]tsexp[—itx]dt

dr u ) .
= _E___;; f exp(- 7 t<) exp(-itx)dt
d(-ix -
= VZr i"D" exp(- 3 x2) = 2n(-i)T H CO£() , (3.30)
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Equation (3.29) is

)7 [ & () = (D)7 (x)ER)

(3.31)
%o
and Equation (3.28) becomes
PGY) = HFx) ] Alo,DHg (% )...Hg _ (x)
=0 1 j
{i}
. pin 1,n
3y 1,n
= £ (x ) I ———————J1~—L—— Hg _1(x)...Hg _ (x)
r=0"12'**tpa,nt Sl J-l "
L
(3.32)

It is important to notice at this point that the
definition of the Hermite polynomials applies only to
r=0,1,2, For r=-1 H_ (x) 1is defined by

means of Equation (3.31) as

[

H (x)E(x) = [ H ()F(x)dx = 1 - F(x)

X
(4]

For I = 7i , and HS _I[xo]...Hs _l(xo)ww(ﬂ) ¥
1

Equation (3.32) becomes

PGY = Fx) [ AG,i)rH) (3.33)
I=0
Probabilities of the type P(17,j'). By
definition,
X
N om -
PO =S f see ] WP
-= X X
b
o[ [ .. JaF - [ ] aF =P -PIGGeDY)
== X b 4 x X
[e]
(s 0 0 (3.34)
J j*l
The probabilities P(j*) and P[(j+1)*] can be

evaluated by Equation (3.33).



Probabilities of the type P(k ,ji').
similar procedure,

By a

X X
- L * e = fm rm
P(k,i") = | b e JodR
—oo =@ X X
~——— o P
k
J

1 : e
=—=— [ ... ] [ ... ] st)exp(-it'X)
o %o
k 3
]
Using the expansion of the multinormal characteristic
function given by Equation (3.24),

X X

- L* 1 Pt T ; ! 3
P(1") =~z I (-7 JAae,i) [ dx; .io | dx,
(2m) =0 -t -®
a0 fm 1 jik . _
b IR - exp(- = t? | exp(it'X)
xI k+1 x ki 2 jm] 1
Q Q
s S
1 itk 3.36
t1 ees tik dty ... dtj . (3.36)

This is the product of k integrals of the type

X

Lo ™ .
E?lf dxl_iexp

1 1 3
o7 ti)tl exp(—:tlxl}dtl .

and j integrals of the type
o L S
Lo L1 | ke
2 ) ,i exP[‘ Z Yke1 ] Tkel
0

" exp(-ity y Xpa ) 9

Taking into account Equation (3.30), the product of
k integrals is
x

o
-DF [ dxH (0 = af(x)

-y

and the product of j integrals is

-~ - -
(-i) i dxH () F(x) = a,(x)
Qo
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1. us Equation (3.36) becomes

I Alp,idag (x)...af (xJag (x)
120 Sl 0 Sk 0 sk*l 0

P(k,i") =

Yy . (3.37)

ve g o

k+j

The sequences fa[xo)} and {ac[xo}} can be

expressed in functions of Hermite polynomials as
aO(xOJ = l—F(xO] cand ur(xo}=Hr_l(x )f(xo) , for
21,2, ... ¢ 'x )= ==

rel,2, ; and uOLxQJ F[xoj and ar{xo) Hr_ltxo)
f{xoj gEer =10 ..

I=Zi .

In Equation (3.37),

Let us define

ag [xOJ...agk(xo) = 1%(a)

°5k+1(x°j"'°sk+j(x°} =n(a) |,
then
P(k,3") = ] A, 1)n°(a)n(a) (3.38)
I=0
For ITi= 0 .
Alp,i) =1

1 = laSex 1 = Fx)

(o) = [ao[xoj]j = [1 - F(xoj]j , so that

PGT,5%) = PO [1F )l ]

Ao, 1) 7 (@) T(a)
I=1,2,...

(3.39)

Equation (3.40) is an infinite series. However, in
practice it is only necessary to include a finite
number of terms of this series to compute numerical
values of P(k ,j’). A truncation of this series
after I=2 implies that terms containing Qi or
higher powers of py, are neglected. For values of
fy less than 0.30, the error introduced by this
truncation is negligible. However for values of Py

greater than or equal to 0.40, this truncation may
introduce a significant error. In this case it is
necessary to include more terms in Equation (3.40),
and truncate the series at a higher value of I ,



For wvalues of ¢ equal to or greater than 0.50, the

truncation of this series after I=3 dimplies that
terms containing p? or higher powers of py are

neglected.
negligible.

The error introduced in this case may be
In other words, the higher o4 the

larger power m of should be included.

P1

Distribution of NI .
can be obtained for any truncation level, provided

the expressions are available for the joint proba-
bilities P(k™,j"), so that

This distribution

o

PGy + T Pk,

P(N) 2 ) =
k=1

(3.40)

Probabilities P[j+J, P{l-,j+), and P(kh,j+) for
k=2,3,... may be evaluated by Equations (3.32), (3.34),
and (3.39), respectively. Equation (3.40) combined
with Equation (3.2) gives the probability mass func-

tion of NI i

Distribution of N. By definition

PNy 29) = PG + ] PGTL5T) (3.41)
k=1
where
P(j ) = P{xl<x0,x2<xo,...,xj<xo} (3.42)
and
+ -
P(k ,j )—P{xl>x°,...,xk>x0,xk+1<xo,...,xk+j<x0]
(3.43)

Consider

c C - .+
P(xlgyo,...,xki;o,xk+l>xe,...,xk+j>xo}—Pp(k 5 s

where x; and p are defined by P = F{xz) = 1-F(x,)

= 1-q . Because of the symmetry of the normal distri-
bution,
45 e S
P (k,i) =P (k,j 3.44
q( i) p( i) ( )
The distribution of Ni is
-:]
PONT > §) =P (39 + I P_(x,iD) (3.45)
1 __J P k=l P il £l
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and probabilities Pp{j+}, Pp(l',j*), and Pp(k_,j+}

for k=2,3,... may be also evaluated by Equations
(3.32), (3.34), and (3.39), respectively.

The probability mass function of Ni is then

P(Ni =40 = FND 2 51 ~ ROy > IeL) (3.46)

- + -
Joint distribution of N:, Nl’ NZ’ Nz'

By definition

+ . i, + - . R
PN =dgally=dyallp®noipaial = Pltpadgadanl)

5 3 ¥ o 4
ST 545585517 (3.47)

The result expressed in Equations (3.37), (3.38),
and (3.39) can be extended to joint probabilities
involved in Equation (3.47). In this case

o«
+ - + - + B c c
P(1,iT,50,i.,1 0= 1 A(p,i)oe ...o. o e
171103001 L g ool B 5
I=0 1 Jl Jl+l 31¢11
c
ke "'QS. gy Ak aS. ”
jl+i1+1 Jl+11+32 J1+11+j2+i2
o : (3.48)
Ugtdgtigrion

A completely analogous result is obtained for

RO B -
P{llljl’ 121 J23 1 )
j2 are interchanged in Equation (3.48), the result

If the places of j; and

does not vary because all possible permutations of

{i} are considered. This implies that the marginal
distribution of NI and N; are identical. This
also holds for Ni and Né .

Distributions of N; and N . The approach
in the previous subsection also applieg to the se-
quence {N; ; i=1,...,k}; the result is a sequence
of identically distributed random variables, with
distribution function of Equation (3.40). The same
is true for the sequence [N; 5 felysannkle 1t s

also a sequence of identically distributed random
variables with distribution function of Equation
(3.45). For a more detailed analysis of this chapter
and particularly for a special treatment of the case
of a truncation level of the median, the reader is
referred to Saldarriaga [6].



Chapter IV

RUNS OF STATIONARY DEPENDENT GAUSSIAN PROCESSES

4.1 First-Order Linear Autoregressive Process.
The usual linear regression prediction models, namely
the moving averages and the autoregressive models,
can be shown to be Gaussian processes when the inde-
pendent component is normally distributed. Among
these models, the first-order linear autoregressive
processes of normal variables are considered only,
because of its broad application in hydrology, and
its simplicity.

Suppose that the process {x;} 1is defined by
the recurrence relation

X, = pX, + e,
L T | x @

(4.1)

for Eei-ﬂ and Dzinvar ei=l . It can be solved

formally by successive substitutions, and be rewritten
as

X, = ) pj Bl e o (4.2)

Dx;, = var x, = —5 , (4.3)
1-p
where |P| < 1 1is required for the process to be
stationary. It is a well known result that
k
P =@ (4.4)

It is apparent from Equation (4.2) that the first-
order linear autoregressive model is a moving average
scheme of an infinite extent, with monotonically de-

creasing weights, p, p2, p3,... . Therefore, if
{si} are normal variables, {xi] as a linear com-

bination of [Ei_j} is also a sequence of normal

variables and is a Gaussian process.

4.2 Probability Mass Function, and Moments of
Run-Lengths N' and N7,
holds between the probability mass P(N+=j) of a

The following relation

given run-length N'=j , and the probability distri-
bution functions P(N*gj} of run-lengths N* :

P(N'= §) = PON"> §) - PON"2 § + 1) (4.5)
By definition, the first moment of N s
N = J jP(Ntsy) . (4.6)

j=1

Substituting Equation (4.5) into Equation (4.6) gives
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+

N = 7 opvt 29 (4.7)
j=1
By definition, the second moment of N s
EN)2 = ] j2(N = §) (4.8)

j=1

Substituting Equation (4.5) into Equation (4.8) gives
END?2 = ] (25-1) PN 2 §)
j=1

(4.9)

In general, the r-th moment of X is

E(N-r)r - Z

iTP(NT=j) = lejr-fj~1)r1PEN+z j).(4.10)
J

1 j=

Equations (4.5) to (4.10) analogously apply to N .

4.3 Properties of Total Run-Length, N=N"+N".
Statistical properties of this parameter are rather

complex because N* and N are not independent in
autoregressive models, and their bivariate distribu-
tion is unknown. The only property of N that can
be calculated on the basis of a univariate distribu-

tion of N and N is the mean,
EN = EN* + EN” . (4.11)
This equation can be written also in the form
'EN(q) = EN"(q) + EN'(q) (4.12)
where q = F{xo) Because
EN"(q) = EN'(p) (4.13)
due to the symmetry of normal distributions,
EN(q) = EN"(q) + EN'(p) . (4.14)

4.4 General Procedure for Evaluating Properties
of Runs. Statistical properties of run-lengths of
stationary Gaussian processes can be evaluated for
any truncation level, X, , by using the relations

obtained in this chapter and in Chapter III. The
general procedure of this evaluation can be made in
four steps. Eguation numbers to be used for various
expressions in these four steps are given in Table
4.1. These steps are:




1. Starting at an arbitrary time, probabilities

P(;7) for at least the first j values of X |,
being above the truncation level specified by q ,
are first computed. For these probabilities, nothing
is specified about the values of X preceding or
following the occurrence of these j wvalues. They
may be either above or below the truncation level;

P(j+J are not probabilities of runs but are needed
for their computation.

2. Starting at an arbitrary time, probabilities

P(k,j7) for the first k values of X , being
below and the j subsequent values of X being above
the truncation level specified by g , are next com-
puted. For these probabilities, nothing is specified
about the values of X preceding or following the
occurrence of these k+j values. They are not prob-
abilities of runs but they are necessary for the com-
putation of these probabilities or runs.

3. The probability distribution and the proba-
bility mass function of the run-length are calculated
by using probabilities obtained in the two previous
steps.

4. Moments of run-lengths may then be calculated,
when needed, by using the computed probability dis-
tribution. It might be noted that the probabilities

P(j") and P(k7,j") also have practical meaning by
themselves, besides being used for the computations
of probabilities of runs. In fact, P(j+} is asso-
ciated with the probability that starting at an arbi-
trary year at least the first j years are wet.
Similarly, P[k',j+} is associated with the proba-
bility that starting at an arbitrary year the first

k years are dry and are followed by at least j wet
years. This analogously applies to P(j ) and

P(k*,57)-

TABLE 4.1

EQUATIONS FOR THE EVALUATION OF PROPERTIES OF RUNS

Step Expression Equation
1 r(1H (3.13)
p(2h) (3.14)
P(33s § 23 (3.33)
2 P, (3.34)
P(k 3" (3.39)
3 PN > §) (3.40)
PN = j) (3.2)
4 EN' (4.7
E(N)2 (4.9)
END)T (4.10)
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4.5 Probabilities of the Non-Normal Case, Let
Fl(y) be the distribution function of a non-normal

, while Fz(x)

normal. In this case, probabilities of multivariate
events are

variable Y for the variable X 1s

T
P55y P (1S o VY Yy PV oYy )

(4.15)
and
=3tk
Px[k 3 ,xo)aP(xlgfo,...,nggo,xk+1>x0,...,xk+j>xo) i
(4.16)

respectively, for Fl(y) and Fz(x). For strictly

increasing distribution functions, Fl(y) and
FZ(x) , it is always possible to find such unique
values Yo and X, that satisfy

Fl(yo) = Fz(xo) =q (4.17)

If the probabilities of multivariate events are equal,
with Equation (4.17) satisfied, then

Y, (4.18)

we ok v ok
PY(k ) o had Pxfk sl ;XOJ

Equation (4.18) implies that the joint probabili-
ties are dependent only on the probability level gq
for given X, and Yy and not on the underlying

distribution.

As an example, consider the case of {y} log-
normally distributed with

P(Y; sy} = Fyly)) = 4 (4.19)

By definition of the log-normal distribution the
following relation holds,

Fylyy) = Fylinx ) = q (4.20)
The probability P _(k™,j’) can be expressed in
terms as y

"
Pylk 43 ) =P (Y 2y o e s ¥y oo ¥p 1@V oo ovs¥yyyY)

=P(EnYli;nx0,...,inYkgﬁnxo,mnYk+1§;nxo,...,RnYk+j§gnx9,

<inx

=P(Xlgﬁnx0,...,Xk:;nxo,xk+1__ 0l

,Xk+j§}nxoj

This last expression is Pq(k_,j+} , so that

Py (k™57 = P (K,57) (4.21)

It follows that all properties of run-lengths depend
only on q



4,6 Properties of Runs of the First-Order,
Autoregressive Linear Process. Positive Runs.
perties of run-lengths of the first-order linear
autoregressive model are computed on a digital com-
puter by using the appropriate equations of Table 4.1.
Five values of the probability truncation level
q = F(xo) , and five values of p were used, as

shown by Tables 4.2 and 4.3.
bination of q and ¢

and P(k™,j') were first calculated for
10 and k=1,2,...,10 .

Pro-

For each possible com-
, the probabilities P(j )

3=1,2,. 00
Theoretically, probabilities

of runs are given by an infinite series of P(k_,j+),
as shown by Equation (3.40). Actually these terms
become very small for sufficiently large values of

k and only a finite number of terms need to be con-
sidered. Tables of computed probabilities and
parameters of runs of the first-order linear auto-
regressive process are given in Appendix A; they are:

P(k,37), PN > 3), and P(N' = j), with k=1,2,...,
10 and j=1,2,...,10. The parameters of distribu-

tions are EN , var N Figures 4.1 and 4.2 give
these probability distributions of positive run-
lengths of the first-order linear autoregressive pro-
cess for values of p , varying from 0 to 0.50, with
increments of 0.10, and for values of q , from 0.30
to 0.70, with increments of 0.10. In these figures,
points are used for computed probabilities of dis-
tributions of discrete (integer) random events, while
curves are used for the visualization of these dis-
tributions. Tables 4.2 and 4.3*summarize“the results
for the first two moments of N .

TABLE 4.2
EXPECTED VALUES OF N+ OF THE FIRST-CRDER
LINEAR AUTOREGRESSIVE PROCESS
e
:?\\\ 0 .1 2 3 .4 5
3| 3.33  3.45  3.65  3.87  4.29  4.69
4| 2.0 2.66 2.84 3,05 3.32  3.60
5| 2.00 214 2.29  2.47  2.66  2.88
6| 1.67 1.78 1.90  2.05 2,20  2.33
.7 1.43  1.51  1.61 1.72 1.86  2.00
TABLE 4.3
VARIANCE OF N+ OF THE FIRST-ORDER
LINEAR AUTOREGRESSIVE PROCESS
[+]
q 0 1 2 3 .4 5
3 | 7.77  7.77  8.74 9.83 12,78  15.46
4 | 3.75  4.32 5.10  5.98 7.34 8.66
.5 | 200 242 2,94  3.53 4,24 4.98
4 Vgl Lss  jlim 2.08 2.50 2.94
.7 | 061 0.79  0.99 1.22 1.47 1.72
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Negative Runs. Properties of negative runs are
found by means of the equation Pq(k*,j-}=Pp(k",j+].
It then follows EN (q)=EN"(p), var N (q)=var N'(p),

and, in general, E[N"(q)]T = ElN"(p)1T .

Total Runs, The process of the total run-length
has been defined as {Nj}={N; # N7} . Then BN, =
EN; + EN; is its expected value. Figure 4.3 shows
three different sets of curves: EN' , EN
EN. 1 :
J

0.5 with increments of 0.1.

, and

plotted against q for p values from 0 to

1.00

8ok -

70l E

50 —

PIN® 2 )

aof

Fig. 4.1 Probability distributions of positive run-
lengths of the first-order linear auto-

regressive process for g = 0.3

4.7 Properties of runs of the first-order linear
autoregressive Gaussian process obtained by the data
generation method. Probabilities of run-lengths are
given by an infinite series as shown by Equation (3.40).
At the same time, each term contained in this series
is given by an expansion of the tetrachoric series




2 )

PiN'

PIN® 2 )

PIN* 2 )

PIN* 2 §)

Fig. 4.2 Probability distributions of positive run-lengths of the first-order linear
autoregressive process for q = 0.4, 0.5, 0.6, 0.7

19




7.0

60

5.0

4.0

30

2.0

EN

\ / i 00
Total Runs ——

03 04 05 06 0.7
g=F(u)

Fig. 4.3 Mean positive, negative, and total run-lengths of the first-order
X, linear autoregressive process
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which is also an infinite series. Both of these
series are convergent. However, the rate of conver-
gence of the series used for calculating P(j*) and

P(k™,j") , given by Equation (3.33) and Equation
(3.39) respectively, varies with q , ¢ , k , and j
The rate of convergence of the series given by Equa-
tion (3.40) varies also with q , o , and j In
other words, the problem of the rate of convergence
of each of these two series is a complex mathematical
problem in itself, and to the writer's knowledge, to
date, it has never been solved.

In order to assess the accuracy of the computed
probabilities of run-lengths, obtained in this study
by using the truncated series, the data generation
method (Monte Carlo method) is used to experimentally
compute the properties of run-lengths, and to compare
them with the probabilities obtained from the trun-
cated series. The procedure is the following.

(a) Normal random numbers were generated
following the first-order autoregressive model:
xi = pxi_l * Ei , Where g, are standard normal

random numbers and p is given the values 0, 0.1,

0.2, 0.3, 0.4, and 0.5.
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(b) The probability truncation level, q
was given the values 0.3, 0.4, 0.5, 0.6, and 0.7
with corresponding Xq values equal to -0.524002,

-0.252933, 0, 0.252933, and 0.524002, respectively.

(¢) First a value of
for each value of q , X;'s

»
]

p was selected, then
are generated until

30,000 positive run-lengths were obtained. Absolute
frequencies are calculated for the runs having run-
lengths 1, 2, 3, ., and the probability mass of
each run-length is estimated by computing the rela-
tive frequency as the absolute frequency divided by
the sample size of 30,000.

(d) Then another value of p 1is selected, and
step (c) is repeated until all values of p are used.

A comparison of the probability mass of run-
length, obtained from the truncated series, as an
analytical approximation of the data gemeration
method and probabilities obtained by the analytical
approximation from the truncated series are shown
in Figure 4.3.



Chapter V

APPLICATION OF RUN-LENGTHS TO INVESTIGATION OF SERIES

5.1 Introduction. The hydrologist is concerned
with two basic types of variables, namely serially inde-
pendent and serially dependent variables. He is inter-
ested in first testing whether they are stationary or
not. If they are stationary, further tests are used to
determine the goodness of fit of various mathematical
models of serial dependence. The mathematical model
is a representation of the process. It reflects sta-
tistical characteristics of the sequence in terms of
parameters related to the physical properties of the
system.

Before discussing the application of run-lengths
to the investigation of series, the application of
autocorrelation coefficients and the variance densities
to the investigation of series is briefly reviewed.
This shows an analogy, and points to the necessity of
carrying out various tests.

In the case of investigation of series by auto-
correlation, the parameters involved are the serial
correlation coefficients, I, as estimates of population

coefficients, Pyt A comparison of the computed sample
correlogram = f(k) is made with correlograms of

theoretical models, or with the expected correlograms,
provided these models are good after the model parame-
ters are estimated. This comparison allows making in-
ference about the mathematical structure of this
dependence. For an independent series of size N,

Er, = -1/(N-k), var 1, = (N-k-1)/(N-k)?, and the con-

fidence limits at 95% probability level for the distri-
bution of r, are given by {rljI , -1/N + 1.96

[(N3- 3N2+8) /N (N*-1)1%. For B
N-k+1, or by similar expressions [2]. Figure 5.1 shows

the expected correlogram and the 95% tolerance limits
of an independent series with N = 30.

N is replaced by

In order to test the structure of an observed
series, the null hypothesis, that the observed time
series is an independent sequence, is used. If the
value of T fall within the 95% tolerance interval,

Or if 5% of k values of T
are outside the limits, but 95% are inside, the hypothe-
sis is accepted; otherwise it is rejected.

this hypothesis is accepted.

In the case of investigation of series by spectral
analysis, the parameters involved are the spectral

densities Ve = ¥(f), with the frequencies f. These Ve

values are estimates of population spectral densities,
V- Again a comparison of the observed variance den-

sity spectrum with spectra of theoretical models permits
an inference about the matheamtical structure of de-
pendence in a series. For a discrete series with equal
intervals At, in the case of time series, the maximum
frequency is fﬁax = 1/24t, and for finite series of

size N the minimum frequency is fmin = 1/Nat, which is

usually extended to f = o. The spectrum has the prop-
erty that the area under the variance density graph
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represents the total variance of the variable. The
expected spectrum of an independent stochastic series
is a straight horizontal line between fﬁin and fmax’

or between o and 1/2At. The distribution of the variance
density for independent variables is approximated by

a y?-distribution with the number of degrees of freedom
given by v = 2N/m - % , where m is the number of
serial correlation coefficients used in computing the
variance densities. For N = 30, m = 4, and At = 1,

the number of degrees of freedom is v = 7. The maximum
frequency is 0.50, assuming fmin = 0. The mean variance

; P 2 - 2 4 2
density is Ve = 20“. Then We fmax/U is a x{ random

variable. The 95% tolerance limits are
vy, £
2 f “max 2
¥o.025 < T 2 < X975 -
Er

1.0}

0.5} l‘
I
P\ e e
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Fig. 5.1 Expected correlogram of an independent series,

of the sample size N = 30, with tolerance
limits at the 95% level.

= 2 = 2 - [
For v =7, X s = 1.69, and x} .. = 16.0, the 95
< 4.5710%,

5.2 shows the expected values and the 95% tolerance
limits for Ve for independent variables.

confidence limits are 0.4830% < Ve Figure

In
the

5.2 Using Runs for Investigation of Series.
the use of investigation of series by using runs,
basic parameter selected here is the run-length,
selected for the following reasons:




2.0000°

0.4830-1~~ ______ I AR
f

00 05

Fig. 5.2 The expected values and the 95% tolerance
limits, of variance densities in a spectrum
of an independent series with the sample size
N = 30.

(a) If a given series is cut at many truncation
levels, and for each level the sequences of positive
and negative run-length are obtained, theoretically it
is possible to reproduce the original time series, at
least at a finite number of points, by using these
sequences. The larger the number of levels selected,
the larger the number of points of the original time
series that can be reproduced. If all sequences of
positive and negative runs at all possible truncation
levels are known, the whole original time series can be
reproduced.

(b) Properties of run-lengths based on a proba-
bility truncation level are distribution-free, both for
independent variables and linearly dependent processes.
This is an important property, because the results ob-
tained for Gaussian processes can also be applied to
other types of stationary processes.

(¢) The physical significance of positive and
negative run-lengths is obvious in hydrology. They can
immediately be associated with periods or durations of
deficit and surplus, or with duration of droughts and
floods.

(d) A parallel technique to autocorrelation
analysis and analysis by the variance density spectrum
can be developed for run-lengths to investigate hydro-
logic series.

(e) A comparison of properties of observed run-
lengths with the corresponding properties of run-lengths
of population theoretical models is similar to other
techniques of investigation. The mean positive rum-
length N*, the mean negative run-length N-, and the
mean total run-length N, are attractive parameters for
this comparison. Because N contains information of
both N~ and N*, this parameter N is used in this study
as a basic parameter for investigating hydrologic time

series by runs. The parameter N* is also used as the
alternative.

The technique by runs as developed in this study
compares the statistic N as a function of q of ob-

served time series with the expected value E{Nq) of the

total run-length of theoretical models, or the statistic
N; is compared with its expected value E(Na}.
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5.3 Properties of Run-Length for Sequence of
Independent Identically Distributed Random Variables.
Let xn be a sequence of independent random variables

with a common distribution, and N. be the associated

process of the total run, then Nj is a renewal process,
and as such, it is also a sequence of independent
identically distributed, random variables.

For a given q,

(5.1)

then by the central limit theorem for large k, Nk is
asymptotically normally distributed with

ENk = EN (5.2)
N
var Nk = EEE—— (5.3)

Substituting Equations (2.22) and (2.23) into Equations
(5-2) and (5.3) gives, for a given q and p = 1-q,

= 1
EN, = — 5.4
g (5.4)
” O
var N, = g (5.5)
kp2q2
Pq
This result holds when k is a fixed number. In the

case the series length n = being a fixed value, the
number k of total runs in the interval (o,n) is a
random variable, k(n), and the mean ﬂk(n] is

N1 * e ¥ Nk(n)

k(n)

Wk(n] =

Feller [15] shows that the ratio k(n)/n is asymptoti-
cally normal with the mean equal to the mean recur-
rence time of the completion of a total run. It con-
verges in probability to a positive-valued random
variable. In virtue of the central limit theorem

for the sum of a random number of independent random
variables [31], the result obtained for N% also holds
for N. ;

k(n)

Table 5.1 gives values of the mean and variance
of N*, N-, and N, respectively, for a range of values
of q between 0.10 and 0.90. Figure 5.3 shows a
graph of EN*, EN-, and EN versus q for the independent
case. It is apparent from this graph that these
functions are symmetrical about the line q = 0.5,

5.4 Run-Length Test for Stationary Independent
Variables. Properties of Nk derived in the previous

subchapter allows the construction of a test. The null
hypothesis is that {Xn} is a sequence of independent,

identically distributed, variables, either for the
original or "whitened" series. Then ﬁk is approximately




TABLE 5.1

PROPERTIES OF RUN-LENGTHS FOR INDEPENDENT IDENTICALLY
DISTRIBUTED VARIABLES

N* N- N
a Mean Variance Mean Variance Mean Variance
0.1 10.00 90.00 1.11 <12 11.11 90.12
0.2 5.00 20.00 1.25 .31 6.25 20.31
0.3 3.33 7.78 1.43 .61 4.77 8.39
0.4 2.50 3.75 1.67 1.11 4,17 4.86
0.5 2.00 2.00 2.00 2.00 4.00 4.00
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Fig. 5.3 Mean run-length for independent variables,

with a common distribution,versus q.

normally distributed for large k with the mean and
the variance given by Equations (5.4) and (5.5). At
the 1l-c tolerance level, the region of acceptance of
the hypothesis is, for a two-sided test,

EN - t2 (var Nkfiiﬁk < EN + t2 (var Nkf‘, (5.6)
or

L ¥ 3.4 t a..3
1 _ o/2 p*q,% 1, a/2 pT+q % 5.7
P (kD Mot G G

Now, for a median as the truncation level, or for
p=4q=0.50,

EN = 4 (5.8)

and var N, = (5.9)

var N = 4, K

b

The 95% tolerance limits, with o =.05 and tafz =
1.96, are
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3.92
K

4 - 222 ¢

(5.10)

If ﬁk falls outside the limits of Equation (5.10) the

hypothesis is rejected, The test is illustrated by
Figure 5.4 for the case of the tolerance level l-c
= 1.95 and the truncation level being the median,

q = 0.50.

For a truncation level q # 1/2, the tolerance
limits are different than those given in Figure 5.4,
as shown in Figure 5.5. For any value of q, the
right-sided run-length test, for the 95% tolerance
limit, is

(5.11)

Region of Acceptance of Null_JHypothesis

\

40
3.92/K xy 392/K

Fig. 5.4 Two-sided run-length test for the truncation
level of the median, q = 0.50, for independent
variables .

~— -
———————

1 1 1 1 L 1 1 1
0l 02 03 04 05 06 07 08B 09 10
q

Fig. 5.5 Tolerance region for N, of an observed

independent time series.



The left-sided run-length test, for the 95% tolerance
limit, is

1, fa p¥q? )k

5.12
Pa L ]

Figure 5.6 shows a graph with EN and the 95%
tolerance limits of N{q} for 0.2 <q <0.8 and
k = 10, 15, 20, 25, 30, 35. The q values are given
as abscissas, and the N(q) are given as ordinates
in the upper graph. The k values are given by the
ordinates downwards versus q in the lower graph.
The upper graph shows a family of curves. The central
curve is EN(q) = 1/pq . The upper and lower sets of
curves are the 95% tolerance limits of N(q). This
is a convenient plotting graph that can be used readily
for the analysis of time series by the mean total run-
length N(q) = £(q) The sample function N{q) is
calculated from the observed time series and plotted
in the upper graph. The sample function of k is
plotted in the lower graph. Finally, by using the
upper and lower families of curves of the upper graph
and the k values of the lower graph, the upper and
lower 95% tolerance limits of N(q) are drawn in the
upper graph. If the whole sample function is confined
inside the tolerance region, the analyzed series is
considered as not being significantly different from
an independent series at the 95% level.

5.5 Two-Levels Run-Length Test for Stationary
Independent Variables. An alternative statistic to

N(q) 1is also considered in this study, and is defined
as
4

k k- fra e
ﬁt[q) = - [ Z N;[q) + Z N;[p)] - k'N E )tk N (p)
k +k i=1 i=1 k +k
(5.13)
For 5 _
ook (5.14)
rewriting Equation (5.13) in the form
W (q) = l[k, ORE Sy (p)] (5.15)

and taking into account Equation (2.22) and Equation
(4.13), the expected value of Equation (5.13) becomes

BV (@) = %[k BV (q) + & BV (p}] (5.16)

.ﬂ]r—-

Figure 5.3 shows EN*(q) as a function of q for
independent variables. The random variables N;(q)
and NE[p] are independent for g > 0.5 . Further-

more, it is assumed here that they are also indepen-
dent for 0.2 < q < 0.5 . Equation (5.17) gives
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var N*(q) = %—{(E;qzvar NT(q) + [%;]zvar ﬁ;(pq

(5.17)
However,
+
var N*(q) = 22& T @) . 1 (5.18)
k k g
and
var N- (p) ta_rw‘]_ *P-— . (5.19)

k"q®

since {N'} and (N7} are sequences of independent
variables with variances given by Equation (2.23).
Substituting Equation (5.20) and Equation (5.21) into
Equation (5.19) gives

-
var N*(q) = iE_iEElg_ (5.20)
4(k*)"q
Finally, taking into account Equation (5.16),
var N*(q) = —2— (5.21)

b
2k*q

Since the central limit theorem applies under rather
broad conditions, it is evident that it also applies
in the case of Equation (5.17), so that N*{q) 1is
approximately normally distributed for large values
of k* . For a two-sided test, the l-a tolerance
region for independent variables is

1 5 59 2 wl

q (1 " tasz I Ji =9 {1 *ty2 \) Tk J
(5.22)

Figure 5.7 shows a practical graph that can be used

readily for the analysis of time series by using
N*(p) , with p =1 - q . This graph is constructed

and used in a manner similar to the graph of Fig. 5.6.

The difference is that the statistic N*(q)
instead of N(q)

is used

The parameter N*(p) is used instead of W*(q)
only with the purpose of having the curve N(p)=£(p)
increasing from the left to the right, instead of
from the right to the left which would be the case
for N*(q) = f(q)

S CLE VR S
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Fig. 5.6. Graph paper for plotting the mean total run-length, N(q). The upper graph

serves for plotting N(q) versus q, the truncation level, as well as its
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plotting the number of total run-lengths k versus g, needed for computing
the tolerance limits of the upper graph.
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for plotting the number k*, as defined in the text, versus p, needed for

computing the tolerance limits of N*(p) of the upper graph.
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Chapter VI

EXAMPLES OF INVESTIGATION OF STATIONARY HYDROLOGIC SERIES BY RUN-LENGTHS

6.1 Introduction. There is a two-fold
application of runs to stationary hydrologic series.
First, runs are used to investigate the structure of
a series by testing whether or not a particular series
is a sequence of independent random variables with a
common distribution. If this is not the case, then
the linear autoregressive models are assumed, the in-
dependent component in the original series is computed
by using these models, and tests are performed to
determine whether this component is a sequence of
independent variables with a common distribution.

Three approaches are used for the investigation
in this test:

1. Only the median truncation with gq = 0.50
and the corresponding value N(0.50) are used. This
case is analogous to using only the first serial
correlation coefficient, T in the autocorrelation

investigation of whether a series is independent or
dependent.

2. The total run parameter,
for warious values of gq
is obtained.

N(q) , is used,
, and a curve N(q)=f(q)

3. The parameter N* (p) is used as a function
of p . N*(p) is used instead of N*(gq) in order
to have an increasing function as p increases.

Examples are given for each of these three
approaches for investigating hydrologic series by
run-lengths, using the supposed stationary time series
of annual precipitation and annual river flow.

The second application of runs to stationary
hydrologic series is for the prediction of durations
of periods of surpluses and deficits for a variable.
Once the structure of the series is known, i.e.,
whether it is stochastically independent or dependent
of the first-order, or the second-order linear auto-
regressive models, or similar models, the derived
properties of runs are used to make probability
statements about durations of periods of surpluses
and deficits. The truncation level in each case is
specified by the probability q .

Chapter VI is concerned with first application,
the investigation of series. Chapter VII treats the
second application, the prediction of duration of
surpluses and deficits (run-lengths) of stationary
hydrologic series.

6.2 Application to Investigation of Annual
Precipitation Series. Computed values of annual
precipitation have random errors, systematic errors
(inconsistency), and nonhomogeneity. Inconsistency
is caused primarily by changes in instruments, methods
of measurements, and so forth. Inconsistency comes
mainly from two sources: moving a precipitation
station a substantial distance, and changes in the
environment around a station, such as growth of trees,
building of houses, or any other major environmental
change which affects the flow pattern of air around
the station. Nonhomogeneity comes mainly from cloud

29

seeding operations. Precipitation data must be
considered, therefore, as often having relatively
large random errors and inconsistency in their
annual series [2, 27].

The presence of inconsistency and/or non-
homogeneity in an observed series implies that it
does not come from a sequence of variables with a
common distribution. When applying the run-length
test to an observed precipitation series with incon-
sistency and/or nonhomogeneity in data, this null
hypothesis may be rejected, though the series without
these factors present may show the acceptance of a
null hypothesis.

The presence of inconsistency and/or non-
homogeneity in data is reflected in the run-length
test when N is greater than the expected value,
EN = 4, for q = 0.5, and may be outside the 95%
tolerance limits of the distribution of N . It is
therefore necessary to first remove inconsistency
and/or nonhomogeneity in data.

On the other hand, if no significant inconsis-
tency and/or nonhomogeneity are present in the data,
and the observed time series is stochastically
independent, the null hypothesis is accepted in
applying the run-length test. In this case N is
inside the region of acceptance of the null hypothe-
sis at a given level.

6.3 Examples of Investigation of Annual
Precipitation Series by the Mean Run-Length of the
Median. To show the method of run-lengths for the
investigation of whether annual precipitation series
are independent, identically distributed variables
(null hypothesis) or not, five series are selected
from around the United States. The application of
run-length is developed on the assumption that the
number of total runs is large. As a consequence,
the observed series should be long enough to satisfy
this assumption. For this reason, long precipitation
series were selected.

The five annual precipitation series are:

1. Chico Experimental Station, California, for

the period 1871-1965, N = 95;
2. Ord, Nebraska, 1896-1965, N = 70;
3. Natural Bridge N.M., Arizona, 1890-1960,
N =71
4, Antioch F. Mills, California, 1879-1965,
N = 87 years, and
5. Ravenna, Nebraska, 1878-1965, N = 88 years.
Table 6.1 gives the sequence j =1, 2, ... of
runs, with run-lengths of N; and N for these

five series and for q = 0.50. The incomplete first
and last runs are included. They introduce a small
bias, but their effects may be neglected for series
with N > 70.



TABLE 6.1 RUNS OF FIVE ANNUAL PRECIPITATION SERIES

Chico Ord Natural Bridge | Antioch F. Mills Ravenna

Station Station Station Station Station
j N, NT N. N N, N; NG N; N; NG

j j i i i j i j i
1 1 1 2 2 1 14 1 1 i 1
2 1 1 + 1 5 1 1 3 1 3
3 3 2 2 1 1 1 6 4 1 5
4 9 1 1 4 8 1 1 1 1 2
5 2 5 1 1 2 2 1 2 3 2
6 2 1 1 4 2 2 1 1 1 1
7 2 1 5 1 2 3 1 2 1 6
8 1 4 1 2 2 3 2 1 1 1
9 1 1 2 4 2 2 1 1 4 1
10 3 4 1 6 3 2 1 1 1 1
11 3 1 1 1 1 1 3 2 2 3
12 1 1 1 1 2 1 1 1 2 1
13 3 2 6 1 2 1 2 2 2 1
14 7 4 1 3 1 1 2 3 1 1
15 1 6 1 2 1 3 1 1
16 2 1 1 1 3 4 1 1
17 1 3 1 2 3 1 2 1
18 1 2 2 1 1 1
19 1 2 1 2 4 1
20 1 1 3 1 3 1
21 1 2 2 1 2 1
22 2 1 1 1
23 1 1 5 6
24 2 1
Z 47 46 32 37 34 35 44 41 42 43

Table 6.2 gives the following parameters of these

N*, N°, N= N* + N° ,_and the two tolerance limits on

the 95% level about N . These limits are computed by
2t
ﬁ' -EN-l-_q'ég 5 (6.1)
1,2 = e

where EN = 4 for q = 0.50 of independent, identi-
cally distributed variables, «/2 1is the one-tail
confidence probability level, ty/2 is the normal

standard variate for the given o/2 , and k is the
largest number j of run-lengths in Table 6.1, or
k = Yo Using the 95% tolerance level and the

two-sided test, o/2 = 0.025 , then ta/Z = 1.96.

In the above case, the tolerance limits are

3.92
vk

N

1,2 " 4.00 +

(6.2)

Table 6.2 shows that all five computed N-values of
the precipitation series are confined within the
tolerance limits Nl and Nz i

For a stronger test, with « = 80% level, and
tu/2 = 1.28, all computed N-values of five stations

except Natural Bridge, which has a nonhomogeneous
series, are still within these new limits, as shown
in the last two columns of Table 6.2.

TABLE 6.2 PROPERTIES OF RUN-LENGTHS OF THE FIVE ANNUAL PRECIPITATION SERIES

a = 95% e = 80%

Station N* N- N k N1(95$) ﬁé(gsa} ﬁl(soaj ﬁ}(sn%)
Chico 2.190  2.238 4.428 21 4.858 3.142 4.560 3.440
Ord 1.882  2.176 4.058 16 4.980 3.020 4.640 3.360
Natural

Bridge 2.429  2.500 4.929 14 5.050 2.950 4.685 3.315
Antioch

F. Mills 1,833  1.708 3.541 24 4.800 3.200 4.522 3.478
Ravenna 1.826  1.870 3.696 23 4.820 3.180 4.535 3.465
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1t can be concluded that four out of the five
annual precipitation series are independent variables,
as it relates to the use of total run-length param-
eter, N , for the median truncation level with
q = 0.50, as the investigation parameter.

6.4 Application to Investigation of Annual
River Flows Series. River flow essentially integrates
the precipitation received over large areas, but it
also includes the effects of evaporation and storage
as other important physical factors. The water carry-
over from year to year, and especially the change in
this carryover from one year to another, usually
introduces time dependence into the sequence of annual
flows.

To investigate the annual flow series either the
original or the whitened series is used. By applying
the same procedure to the original annual river flow
series, as for the annual precipitation series, the
hypothesis that the series is independent is accepted
or rejected. If the hypothesis is rejected, the
dependence models are assumed and the series is
whitened. Then the same procedure used for the annual
precipitation series is applied to the whitened series
of annual river flow. If the hypothesis of the
whitened series being independent is accepted, the
postulated dependence model is also accepted. Equa-
tions (6.1) and (6.2) are used for these investiga-
tions and tests just as they are used for the annual
precipitation series.

6.5 Examples of Investigation of Annual River
Flows Series by the Mean Run-Length of the Median.
Investigations and tests are limited to long series
for the same reason they are limited in the case of
annual precipitation series of annual river flows with
long records [1] were selected as examples. They are:

1. The Mississippi River at Saint Louis, Missouri )
1862-1957, N = 96;

2. The St. Lawrence River at Ogdensburg, New
York, 1861-1957, N = 97;

3. The Mississippi River at Keokuk, Iowa, 1879-
1957, N = 79;
4. The Gota River at Sjotorp, Vanersburg, Sweden,
1808-1957, N = 150, and

5. The Rhine River at Basle, Switzerland, 1808-
1957, N = 150.

Table 6.3 shows the results of this investiga-
tion. The analysis of five original series of annual
river flows shows that only the Rhine River at Basle,
Switzerland is an independent time series, or rather
the null hypothesis is accepted for the 95% tolerance
level. The whitened series are obtained by the hypoth-
esis of the first-order, linear, autoregressive model
of dependence, or

Ea = Ko « T
1 1

and x,
1=

1 %1 (6.3)

where xi 1 are elements of a standardized

series of annual river flows and Ty
serial correlation coefficient, also given in
Table 6.3.

Table 6.3 shows the results of the analysis of
whitened series of the first four rivers by using
the mean run-length of the median, or Equations (6.1)
and (6.2). All four whitened series are shown to be
independent series, or the null hypothesis for the
whitened series is accepted for the 95% tolerance
level. This finding means also that the hypothesis

is the first
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of the first-order linear autoregressive model des-
cribing well the series dependence is accepted for
all four rivers.

6.6 Examples of Investigation of Annual
Precipitation Series by the Relation of Mean Run-
Length to Values of g . In the case of using any
value of q as the truncation level, the 1l-o
tolerance limits for a two-sided test are given by

]
. t, s, (3%
N, = e Bl R (6.4)
» pq | - A
By using the 95% tolerance level, = 0,05,
tu/z = t0.025 = 1.96 , the limits are
o 1 1,96 4
N, , == |1+ 34q3 6.5
1,2 pq[—/;(pq}] L

Table 6.4 gives values of 1/pgq and (p3+q3}a for
values of q ranging between 0.20 and 0.80 with the
increment of 0.05. Table 6.5 gives the tolerance
limits of N at the 95% level.

The mean and the 95% tolerance limits of N are
shown in Fig. 6.1 and 6.2 for values of k = 10, 15,
20, 25, 30, and 35,and q = 0.20 to q = 0.80 with in-
crement of 0.05. The! examples of annual precipitation
series are analyzed by computing N(q) for_values of

q =0.3, 0.4, 0.5,0.6, 0.7, and plotting N(q) against
q, as shown in Figure 6.1. For each q and the corres-
ponding k, thetolerance limits, Nl o are computed
and plotted on the same graph. i

If the analyzed series is a sequence of independent,
identically distributed variables, the sample func-
tion N(q) should be inside the tolerance region.

As can be seen from Figure 6.1, four out of the five
series of the above examples have N(q) inside the
tolerance region, but one series has only a point

of N(q) outside the tolerance region. This particu-
lar series is a nonhomogeneous precipitation series.

6.7 Examples of Investigation of Annual Runoff
Series by the Relation of Mean Run-Length to Values
of gq. The same procedure used for the precipitation
series is applied to investigating the examples of
the original series of annual runoff. The results
are given in Figure 6.3 and 6.4. _It is apparent from
this figure that at least three out of the five series
are not independent, identically distributed random
variables, since their WN(q) are not completely
inside the tolerance region. The Mississippi River
at St. Louis seems to be a case of weak serial depen-
dence and/or of some nonstationarity, since its
N(gq) 1is so close to the upper tolerance limit.
Finally, the annual runoff of the Rhine River is
accepted as a sequence of independent, identically
distributed variables. This result agrees with the
autocorrelation analysis made on this series in a
previous study [2].

For the four other series where the hypothesis
that the series are independent, identically dis-
tributed variables is rejected, the first-order
autoregressive model is assumed, and consequently
the series are whitened. Then, the same procedure
is used with both the whitened and the original
series. The results are shown in Figure 6.5, The
first-order autoregressive model for annual series
is accepted for these four series.
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Fig. 6.1. Investigation of time series independence by the mean total run-length, N(q), as a function of

the probability, q, of the truncation level, for four annual precipitation series: (I) Chice
Experimental Station, California; (II) Ord, Nebraska; (III) Antioch F. Mills, California, and
(1V) Ravenna, Nebraska; and for each station: (l) the expected mean total run-length of inde-
pendent series EN(q) = 1/q(l-q); (2) the observed b_l(q) = £(q); (3) the 95% tolerance limits
for given k as function of q, and (4) the number of total run-lengths, k.
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TABLE 6.3 PROPERTIES OF RUN-LENGTHS OF THE FIVE ANNUAL RIVER FLOW SERIES

and (4) the number of total run-lengths, k.

33

Original Series, Xy Whitened Series, x.l-rlxi_1
Station N - Nk F(osy) Fyo5%) =, e N Nk N (95%) N,(95%)
1., Mississippi River | 2.389 2.500 4.889 18 4.775 3,22510.301 1.783 2.130 3.913 23 4.816 3.184
2., 5t. Lawrence 3,583 3.917 7.500 12 4,950 3,050 L707 2,045 2.136 4.181 22 4,835 3.165
River
5. Mississippi River| 2.500 2.857 5.357 14 4.878 3,122 0.407 1.714 1.619 3.333 21 4,854 3.146
4. Gota River 2.704 2.778 5.482 27 4.634 3.365|0.445 2,202 2.212 4.054 33 4.682 3-317;
[. Rhine River 3,007 2.027 4058 BF ABAD US| w-=  wwe  eme  eme  an  wes e |
TABLE 6.5 TOLERANCE LIMITS OF N
TABLE 6.4. Values of 1/pq and (p> + q°) /2 AT THE 95% LEVEL
q or
i 4o gl p|0.20 0.25 0.30 0.35 0.40 0.45 0.50
q p g (p”+q°) X
.20 .80 6.25 L7211 10 9.04 7.51 6.55 5.91 5.54 5.32 5.24
.25 .75 5.33 L6614 3.46 3.15 2,97 2.89 2.80 2.76 2.76
-gg -zg :-:g -gggg 15 | 8.53 7.11 6.21 5.66 5.29 5.08 5.02
.40 .60 4.17 5292 3.97 3.55 3.31 3.14 3.05 3,00 2.98
.45 .55 4.04 .5074 20 8.22 6.88 6.02 5.48 5.14 4.95 4.87
.50 .50 4.00 .5000 4.28 3,78 3,50 3.32 3.20 3.13 3.13
.gg jg :-f;; :g;; 25 | 8.05 6.71 5.88 5.38 5.04 4.85 4.78
‘65 ‘35 4.40 5635 4.45 3.95 3.64 3.42 3.30 3.23 3.22
.70 .30 4.76 .6083 30 7.85 6.58 5.78 5.29 4.96 4.78 4.71
.75 .25 5.33 L6614 4,65 4.08 3.74 3,51 3.38 3.30 3,29
-80 -20 6.25 -7211 35 | 7.75 6.50 5.72 5.22 4.91 4.72 4.66
4.75 4.16 3.80 3.58 3.43 3.36 3.34
1]
(1]
15
20
/ 25
8
=S
20
-]
(4]
g Flr)
20 A | ] | 1 | o
0z o3 04 L} o8 [-}4 [:1]
S ___,”C) __‘_‘,___--if
Fig. 6.2. Investigation of time independence by the Fig. 6.3. Investigation of time independence by the
N £ mean total run-length, N(q), as a function of q, for
mean total run-length, N(q), as a function of q, for th 1 runoff series of the Rhine River at Basle,
the non-homogeneous annual precipitation series at € annua
Switzerland: (1) the expected mean total run-length,
Natural Bridge, N.M., Arizona; (1) the expected mean - .
d EN(q) = 1/q(l-q); (2) the observed N(q) = £(q); (3)
total run-length EN(q) = 1/q(l-q); (2) thefobae;‘ved . the 95% tolerance limits for given k, and (4) the num-
= - t
N(q) Flgds (3) The 93% tolerance JIHLEw Sor gven ber of total run-lengths, k.



Fig. 6.4. Investigation of time series independence by the mean total run-length, ﬁ(q), as a function of
the probability, g, of the truncation level, for four annual runoff series: (VII) Mississippi
River at St. Louis, Missouri; (VIII) St. Lawrence River at Ogdensburg, New York; (IX) Mississ-
ippi Rover at Keokuk, Iowa, and (X) GOta River at $jotérp, Vinersburg; and for each station:
(1) The expected mean total run-length of independent series, EN(g) = 1/q(1-q); (2) the
observed N(q) = f(q); (3) the 95% tolerance limits for given k as function of g, and (4) the
number of total run-lengths, k.
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Fig. 6.5. Investigation of independence of whitened series, under the assumption of the first-order

autoregressive process as a time dependence model, by using the mean total run-length, ﬁ(q),
as a function of the probability, q, of the truneation level, for four annual runoff series:
(XI) Mississippi River at St. Louis, Missouri; (X1I) St. Lawrence River at Ogdensburg, New
York; (XIII) Mississippi River at Keokuk, Iowa, and (XIV) Gota River at Sjotorp, Vauersburg;
and for each station: (1) the expected mean total run-length of independent series, EN(q)

= 1/q(1-q); (2) the observed N(q) = f(q) of whitenad series; (3) the 954 tolerance limits
for given k as function g, and (4) the number of total run-lengths, k of whitened series.
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Fig. 6.6.
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Investigation of time series independence by the mean run-length, N(q), as a function of the prob-
ability, q, of the truncation level, for four annual precipitation series: (XV) Chico Experimental
Station, Califormia; (XVI) Ord, Nebraska; (XVII) Antioch F. Mills, California and (XVIII) Ravenna,
Nebraska; and for each station: (1) the expected mean run-length, EN*(q) = 1/q; (2) the observed
N*(q) = £(q); (3) the 95% tolerance limits for given k* = (kt + K )/2.

36



6.8 Examples of Investigation of Annual
Precipitation and Runoff Series by N*(p) for Values
of p. The 1l-a tolerance region for independent
identically distributed variables is given by Equa-

tion (5.22). Using the 95% tolerance level, o =
0,05, tm/2 = 1:0.025 = 1.96 , the tolerance limits
are

i 1 o

N*l,z T 1+ 1,96 \/ ix (6.6)

Table 6.6 gives the mean and the tolerance limits of
N* at the 95% level.

The sample of precipitation series was analyzed
by computing N*(p) for values of q = 0.3, 0.4,
0.5, 0.6, 0.7 and plotting N*(p) against p as
shown in Figures 6.6 and 6.7. The resultsare shown
in these figures.

In a similar manner the sample of ‘the original
runoff series was analyzed. The results are shownin

Figures 6.8 and 6.9. ranally, the whitened runoffseriesg
using a first-order autoregressive model were also
analyzed in a similar manner, The results are shown

in Figure 6.6.From these figures it is apparent that
all precipitation series are accepted as independent
time series,whereas all runoff series except Rhine

River are accepted as first-order autoregressive pro
cesses.

TO.

6.0

Fig. 6.7..

Investigation of time independence by the
mean run-length, N*(q), as a function of q, for the
non-homogeneous annual precipitation series at (XIX)
Natural Bridge, N.M., Arizona: (1) the expected mean
run-length EN*(q) = 1/q; (2) the observed N*(q) = £(q);
(3) the 95% tolerance limits for given k* as function
of g, and (4) k* = (kt + k=)/2
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TABLE 6.6 MEAN AND 95% TOLERANCE LIMITS OF N*

k* 10 15 20 25 30 35
TR T T T e v
0.20 2.500 2.696 2.660 2.639 2.624 2.613 2.605
--= 2.304 2.340 2.361 2.376 2.387 2.395
0.25 2.666 2.885 2.845 2.821 2,805 2.793 2.783
---  2.447 2.487 2.511 2.527 2.539 2.549
0.30 2.858 3.098 3.054 3.028 3.010 2.997 2.986
--=  2.618 2.662 2.688 2.706 2.719 2.730
0.35 3.076 3.335 3.288 3.259 3.240 3.226 3.215
---  2.817 2,864 2.893 2.912 2.926 2.937
0.40 3.334 3.611 3.560 3.513 3.509 3.494 3,482
--- 3.057 3.108 3.155 3.150 3.174 3.186
0.45 3.636° 3.930 3.876 3.844 3.822 3.806 3.793
---  3.342 3.396 3.428 3,450 3.466 3.479
0.50 4.000 4.310 4.253 4.219 4.106 4.179 4.166
--- 3.690 3.747 3.781 3.804 3.821 3.834
0.55 4.444 4.769 4.614 4.674 4.650 4.632 4.618
--- 4,119 4.274 4.214 4.238 4.256 4.270
0.60 5.000 5.340 5.277 5.240 5,215 5.196 5.182
--- 4,680 4.723 4.760 4.785 4,804 4.818
0.65 5.714 6.067 6.003 5.964 5.938 5.918 5.903
---  5.361 5.425 5.464 5.490 5.510 5.525
0.70 6.667 7.034 6.966 6.926 6.899 6.879 6.863
-==  6.300 6.368 6.408 6.435 6.455 6.471
0.75 8.000 &.380 8.310 8.268 8.240 8.219 8,203
---  7.620 7.690 7.722 7.760 7.781 7.797
0.80 10.000 10.392 10.320 10.277 10.248 10.226 10.210
---  9.608 9.680 9.723 9.752 9.774 9.790

Fig. 6.8. Investigation of time independence by the
mean run-length, N*(q), as a function of q, for the
annual run-off series of (XX) Rhine River at Basle,
Switzerland: (1) the expected mean run-length,
EN*(q) = 1/q; (2) the observed N*(q) = £(q); (3) the
95% tolerance limits for given k* as fumction of q,
and (4) k* = (kt + k™)/2




Fig. 6.9. Investigation of time series independence by the mean run-length, N*(q), as a
function of the probability, q, of the truncation level, for four annual runoff
series: (XXI) Mississippi River at St. Louis, Missouri; (XXII) St. Lawrence
River at Ogdensburg, New York; (XXIII) Missiseippi River at Keskuk, Jowa, and
(¥XIV) Gota River at Sjotorp, Vanersburg; and for each station: (1) the expected
mean run-length of independent series EN*(a) = 1/q; (2) the observed N*(q) = f(q):

(3) the 95% tolerance limits for given k as a function of q, and(4) k* = (k¥ + k=)/2
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Fig. 6.10.

Investigation of independence of whitened series, under the assumption of the
first-order autorggressive process as a time dependence model, by using the
mean run-length N (q), as a function of the probability, g, of the truncation
level, for four annual runoff series: (XXV) Mississippi River at St. Louis,
Missouri; (XXVI) St. Lawrence River at Ogdensburg, New York; (XXVII) Mississippi
River at Keokuk, Iowa, and (XXVIII) Gota River at Sjotorp, Vanersburg; and for
each station: (1) the expected mean run-length of independent series,

EN (q) = 1/q; (2) the observed N (q); (3) the 95% tolerance limits for given

k as function of q, and (4) k* = (kt + k7)/2
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Chapter VII

EXAMPLES OF COMPUTATION OF PROBABILITIES OF RUN-LENGTHS

7.1 Introduction. Present empirical techniques
for determining probabilities of drought or low-flow
durations, or probabilities of water surplus dura-
tions, for a well defined drought or water surplus
level use sample data to derive the necessary infor-
mation. The empirical procedure is as follows.
Drought or surplus level is first defined; then a
series of the hydrologic variable is plotted, with
this level as the truncation level. Next, all dura-
tions as run-lengths equal to or greater than the
truncation level are counted, and the relative fre-
quency of rtun-lengths that are greater than the
critical duration are computed. These frequencies
are estimates of probabilities. Alternmatively, the
longest drought or water surplus duration is selected
as the design drought or the design surplus. It is
often difficult in practice to assign meaningful
probabilities to a drought or a surplus because of
large sampling fluctuations of these relative fre-
quencies. Much confusion is often unavoidable in
assigning probabilities to results empirically
obtained.

It is not surprising then that the estimates of
probabilities of historical droughts in some river
basins or regions sometimes vary from 1:100 (one in
a hundred years) to 1:3,000 (one in three thousand
years) by different empirical approaches.

The method of using the run-length properties
of the independent or of the first-order linear
autoregressive series helps solve these important
practical problems and also helps to avoid some con-
fusion. Two aspects of these probabilities currently
are of interest, probabilities of a given duration
(say, probability of a 5-year drought), and proba-
bilities of all events equal to or greater than a
given duration (say, probability of all droughts of
3-years or more). The purpose of the techniques
studied and developed in this paper are designed to
solve these types of problems. In this study, how-
ever, only two cases are analytically approached:
independent stationary time series, and dependent
stationary time series of the first-order linear
autoregressive model. For more complex models, such
as the second-order, third-order, or higher-order
linear autoregressive models, or for models with
periodicity present in some parameters of a time
series, the Monte Carlo simulation technique seems
best suited at present as the alternative to the
analytical method.

7.2 Determination of Run-Length Probabilities
of Stationary and Independent Series. The annual
series of precipitation and runoff of the following
four gauging stations, found to be independent time
series in Chapter VI, are used as examples for deter-
mining probabilities of run-lengths equal to or
greater than a given length, for a given truncation
level and its probability, gq :
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A. Precipitation Stations

1. Ord, Nebraska
2. Ravenna, Nebraska
3. Antioch F. Mills, California
B. Runoff Station
1. The Rhine River at Basle, Switzerland.
The probabilities of run-lengths being not less than

a given value j are obtained as follows from Equa-
tion (2.21),

PN = k) = qp*!
Hence,
: j-1 j-1
PN 2 3) =1- 7 PON'sk) =1 - ] qpt?
k=1 k=1
= 1.
=1 - gl ) . il (7.1)

1-p

By using Equation (7.1) for probabilities of
run-lengths of independent series, which are functions
of g ,or p=1-gq, comparison is made between
the relative frequencies of run-lengths, empirically
determined, and the probabilities of the same rum-
lengths, analytically determined.

Figures 7.1 through 7.4 give these comparisons
for the three annual precipitation series and the
annual runoff series of the Rhine River, and for the
run-lengths Nj , with the following j values:

2, 3,4,5,6, 7, 8,9, and 10, and in each case for
five values of q , 0.3, 0.4, 0.5, 0.6, and 0.7,

As expected, probabilities of run-lengths
P(N > j} determined analytically by Equation (7.1)
depart from the relative frequencies empirically
determined from sample data. These deviations in-
crease both with an increase of j and an increase
of absolute departure of q values from q = 0.50.
The unreliability of these relative frequencies of
run-lengths N > j empirically determined for
extremes of q and for large values of j is the
primary reason for the controversy between the
various empirical metheds of estimating probabilities
of droughts or water surpluses of given durations
for the prescribed levels of droughts or surpluses.
These high sampling errors, associated with empirical
methods currently used in practice, justify using
the analytical method for computing probabilities
P(N > j} instead of using various empirical methods.



100y

=1

9.0

100

41

100

901

Fig. 7.1

80 90 100

Estimated probabilities by sample relative
frequencies (dashed lines) of positive
run-lengths, P(N* > j ; q) , and negative
run-lengths, P(N™ > j ; q) , for the
annual precipitation series at Ord,
Nebraska (1896-1965) as compared with
expected probabilities (solid lines) of
positive and negative run-lengths of
independent series for five truncation
values: q = 0.3, 0.4, 0.5, 0.6, and 0.7.
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Fig. 7.2 Estimated probabilities by sample relative
frequencies (dashed lines) of positive
run-lengths, P(N* >3 3 q) , and negative
run-lengths, P(N™ > j ; q) , for the
annual precipitation series at Ravenna,
Nebraska (1878-1965) as compared with
expected probabilities (solid lines) of
positive and negative run-lengths of
independent series for five truncation
values: q = 0.3, 0.4, 0.5, 0.6, and 0.7.
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Fig. 7.3 Estimated probabilities by sample relative
frequencies (dashed lines) of positive
run-lengths, P(N: >3 ; q) , and negative
run-lengths, P(N > j ; q) , for the
annual precipitation series at Antioch F.
Mills, California (1879-1965) as compared
with expected probabilities (solid lines)
of positive and negative run-lengths of
independent series for five truncation
values;: q = 0.3, 0.4, 0.5, 0.6, and 0.7,
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Fig. 7.4 Estimated probabilities by sample relative

frequencies (dashed lines) of positive
run-lengths, P(N* > j ; q) , and negative
run-lengths, P(N~ > j ; q) , for the
annual runoff series of the Rhine River
(1808-1957) as compared with expected
probabilities (solid lines) of positive
and negative run-lengths of independent
series for five truncation values:
q=20.3,0,4, 0.5, 0.6, and 0.7.



Because of large sampling fluctuations in
series of limited size, either a drought of more
than 3-4 years may not have been experienced in a
period of 50-60 years, or a drought of nine years
may have occurred, though no drought of 4-8 year
duration was recorded. Many similar sampling biases
are unavoidable in using current empirical methods
in estimating probabilities of run-lengths.

7.3 Determination of Run-Length Probabilities
of Stationary Dependent Series. The annual runoff
series of the following three rivers, which are
known to be dependent time series, are used as
examples for determining probabilities of run-lengths
equal to or greater than a given length, for a given
truncation level and its probability, gq :

5. The Gota River at S$jétdrp, Vanersburg,
Sweden, with Wi 0.463 , where T is

the estimate of the first autocorrelation
coefficient Py

6. The Ashley Creek near Vernal, Utah, with
r, = 0.274 , and

7. The Trinity River at Lewiston, California,

with r, = 0.180.

Probabilities of run-lengths being equal to or
greater than a given value j are obtained by using

45

the values P(N+ > j) of the Appendix, for values
of Py = 0.1, 0.2, 0.3, 0.4, and 0.5. A linear

interpolation is used for the T, values, which
are between the P, values of the Appendix. These

probabilities and the relative frequencies of run-
lengths empirically determined are compared.
Similarly, as in the case of independent series,
probabilities of run-lengths P(N > j) of dependent
series depart from the relative frequencies empiri-
cally determined from the sample data. The Trinity
River is analyzed in two ways: (1) by using the

first serial sample correlation coefficient T and

the first-order autoregressive model for annual flows,
and (2) by using r; =r - rl(P} , where rl[P) is

the first basin. This is done to remove the sampling
fluctuation of rltP) included in T, of runoff,

because E(r;) for precipitation series should be
close to zero. For the area of the Trinity River
Basin, r1[P) has been calculated in a previous
study [2] as rICP} = 0.10 , so that the corrected
value ri = 0.08. Figures 7.5 through 7.8 show the

results and comparisons of relative frequencies and
expected probabilities for the corresponding cases.
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Estimated probabilities by sample relative
frequencies (dashed lines) of positive
run-lengths, P(N* > j ; q) , and negative
run-lengths, P(N™ > j ; q) , for the
annual runoff series of the Gota River
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Chapter VIII
CONCLUSIONS

A methodology is developed in this study for using the mean run-length as the parameter
for investigating hydrologic series. The basic statistical parameters used are the mean total
run-length and the mean positive or negative run-length, as they change with the probability
of the truncation level of a series. This study leads to the following conclusions:

(1) The method is effectively used to investigate whether or not a time series of
annual precipitation at a point is a sequence of stochastically independent variables with
a common distribution.

(2) The method is also effectively used to investigate whether or not a time series of
annual river flows is independent or first-order linear autoregressive dependence model.

(3) The method does not depend on the underlying distribution of the variables that are
being investigated.

(4) Autoregressive linear models, widely used in hydrology, usually are referred to as
stationary Gaussian processes, if their independent stochastic component is normally distributed,
Properties of runs of these models are relevant for the investigations of multiannual periods
of surplus and deficit, and for the study of hydrologic droughts.

(5) An analytical approximation is developed for probabilities of a sequence of a given
length of wet and dry years, when hydrologic time series are stationary, either independent,
or first-order linear autoregressive process, and the truncation level is specified. Numerical
values of these probabilities are obtained on a digital computer for the range of Py the
first autocorrelation coefficient between 0 and 0.50, with increments of 0.10, and the range of
the probability of truncation level, q , between 0.30 and 0.70 with increments of 0.10, all
for the first-order linear autoregressive model. These probabilities can be readily used for
probability statements about the multiannual periods of water surplus or deficit, with respect
to a specified truncation level that defines the surplus or the deficit.

(6) Probabilities of run-lengths of linearly dependent variables, with a common distri-
bution, do not depend on the underlying, univariate distribution of the variable. They depend
only on the probability q of the truncation level and the series dependence model.

(7) Examples of the investigation of stationary series by the run-length technique and
examples of the computation of probabilities of lengths of surplus or deficit periods show the

relevance of run theory for various applications in hydrologic and water resources investigations.
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APPENDIX

This appendix gives the properties of run-lengths of the first-
order linear autoregressive model for five values of the first auto-
correlation coefficient, Py 0.1, 0.2, 0.3, 0.4, 0.5, and for five
values of the probability, q = F(xo), of the truncation level, X
or q equal 0.3, 0.4, 0.5, 0.6, and 0.7. The first column gives
these parameters: q = F(xo), EN+(q), and var N+(q); the second
column gives the discrete value j of the run-length; the third column
are probabilities, P(j+), of at least j consecutive values being
above the truncation level, and subsequent ten columns give probab-
ilities of at least k consecutive values being below the truncation
level, X followed by at least j consecutive values being above the
truncation level, for k = 1,2, ..., 10, and j = 1,2, ..., 10. Finally,
the last two columns give probabilities of run-lengths being greater
than or equal to j, or being exactly equal to j, respectively. By
using the values given in the subsequent five tables, it is feasible
to make probability statements about durations of droughts of a river
basin, with annual runoff series following the first-order linear auto-

regressive process, of Py estimated by the sample Ty and by finding

P(N" Zj) values for a selected q in this appendix.
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«114843 070421 ,051845 ,(38395 ,028402 ,070986 ,015489 ,0114209 ,008410 ,006188 ,00454R ,382026| ,236021
+044422 027509 ,019683 ,gl4532 ,010716 ,007892 ,005806 004267 ,003133 ,002297 ,001483 ,146006| ,090883
«018912 ,010552 .007430 .005464 ,004014 ,002945 ,002159 ,00158] ,001156 ,000845 ,0n0617| ,055153| ,0345%8
«006360 ,004003 .002772 002031 .001486 4001086 4000793 ,000579 .000422 ,000307 .000224| .020594| 4013079
«002357 ,00]496 .001021 .Q00745 000543 ,000395 .000288 ,000209 .000152 ,000111 .000080| .007586 .004810
+00286] 000551 ,000371 ,000269 .000196 ,000142 ,000103 ,000075 ,L000054 ,000039 ,000028| ,002756| 001748
| «000310 000200 .000133 .Q00096 ,000070 ,000051 .000037 ,000026 ,000019 ,000n]4 ,000010 .000988| ,000648

«008116 .000071 .000047 .000034 .000025 4000018 000013 ,000009 000007 .000005 .000003| .000350| +000227
«022035 0900025 .000016 .no0012 .000009 .0NONOA 000004 000003 L.N00OO2 ,000002 .000001| .000123| .0000AD

=
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. £=0.3
EN
var &' 5| pah  [raT gh |eer gh | eGT 3N | re 3H | et gh [peer N [rar sH (et ah  [eee7 sh |raol b [raby ot = 9
1| 700000 ,172238 .077378 .030391 .012019 .004836 ,001927 ,000754 000288 ,000108 .000040 [1,000000| .251747
2| 527762 ,126762 .054818 .023070 009553 +003R43 .001508 ,00057& 4000215 .000079 .000028 | .748233 | .178930
0.3 | 3| .401001 .097013 .041963 .017502  .007176 002866 .001114 000423 .000157 ,L000057 ,00002] | 569303 | 137540
4| ,303988 ,073698 .032006 Q13234 ,005376 .002129 .000822 ,000310 .000115 .000042 ,000015 | 4431743 | ,1045A7
5| 4230290 .056000 4024329 .009977 .004018 ,L001579 .000606 ,000227 .000084 ,000030 ,L00001)1 [ ,327157 | .079519
3.87] 6| .174290 ,042540 ,01B436 ,007500 .002996 ,001169 ,000446 ,000166 000061 .000022 ,000008 | 4247437 | 0604131
T| +131750 .032291 4013930 4005624 .002229 4000864 ,000327 ,000122 4000044 4000016 4000006 | <187206 | «0458a8
8| ,099459 024487 .010497 .004207 ,001655 .000637 .000240 ,000089 .000032 ,0000]2 .QO00004 | 141320 | 034841
9.83| 9| 4074972 018545 .007889 .003140 .003227 .000470 L.000176 ,000065 000023 .000008 ,000003 | 4106520 | «026358
10| ,056427 ,014025 .005916 .002339 .000908 ,000345 ,000129 ,000047 .000017 .000006 .000002 | 080162 | +019933
1| .600000 194779 ,101361 .051648 ,026017 ,013176 ,L006628 ,003295 ,001615 ,000781 ,000373 | .999999 | .339811
2| «%05221 ,128577 .065818 .034373 .017690 008941 .004438 ,002166 ,001041 .000494 .000231 | .669188 | .2113A73
0.4 | 3| ,276644 088616 ,045523 ,L023518 ,L011964 ,005982 ,002940 ,001423 ,000679 ,000320 .000149 | ,457885 | ,146490
4| 4188028 .060421 +031255 +015976 .008040 4003980 4001939 .00093] ,000441 .000207 4000096 | 4311395 100048
5| 127607 ,041230 .021310 4Q10782 005372 ,002635 ,001273 ,000A07 ,000286 ,000133 ,000061 | .211347| ,n68326
3.05| ¢| ,086377 ,028100 .014435 .007233 .003570 .001736 ,000833 ,000394 ,000185 ,000086 ,000039 | .143022| .046576
7| .058278 ,019102 .009720 .004826 .002362 ,001140 .000543 ,000254 ,000119 ,000055 ,000025 | «096445| 031656
8| 4039175 ,012942 .006509 .003204 001555 4000745 .000353 ,000165 ,000076 ,000035 ,000016 | 4064789 | .021437
5.98( g¢| ,026233 008735 ,004337 .002117 .001020 ,.000485 ,00022R ,000104 ,000049 ,000022 ,000010 | .043382| .014458
10/ .017498 005871 .002876 .001393 .000667 _.000315 ,000147 ,000068 ,000031 ,L,000014 .000006 [ ,028894 | .009711
1{ «500000 ,202254 .117B38 .p72157 _.043495 ,026197  .015694 009330 ,005499 ,003213 ,00186) | ,999959| .4096091
0.5 | 2| +297746 117838 069554 .(42536 025717 .015368 ,009081 ,00531]7 ,003076 .001766 .001006 | ,590268| .233045
* 3| «179908 ,072157 042536 4025717  .015368 .009081 .005311 003076 ,L00l1766 L001006 ,000569 | ,357204| .143380
4 «107751 ,043495 4025717 +015368 .0090R1 005311 003076 L00176A .001006 +000569 .000320| «213854| 086578
5.47| 8| +064256 (026197 .015348 4009081 .005311 .003076 001766 ,00100& ,000569 .000320 ,000179  .127346| .052047
' 6| +038059 ,015694 .0059081 .005311 .003076 .001766 .001006 ,000569 ,000320 ,000179 ,000099| .075279| .031138
7| «022366 ,009330 005311 4003076 4001766 4001006 4000569 ,000320 4000179 . «000099 .000055 | 4044140 «01847]
5.53| 8| 013036 ,005499 .003076 001766 ,001006 ,000569 ,000320 ,000178 ,000099 ,000055 .000030 | .025670( 4010841
: 9| 4007537 ,003213 .001766 .001006 ,L000569 .000320 ,000179 ,000099 ,000055 ,000030 .000017| .014B09| .006330
10| «004325 ,001861 4001006 000569 .000320 000179 4000099 ,000055 ,000030 +000017 .000009| 008479 | +n03659
1| ,4p0000 ,194779 .125163 ,087791 ,060803 .041984 ,028868 ,019752 ,013446 ,009105 ,006134 | ,999369| .489199
2| «205221 .097947 .065818 .045523 .031255 4021310 014435 ,009720 ,006509 004337 .002876! 510170 .264750
0.6 | 3] 4107275 ,052237 .034373 .(023518 .015976 ,010782 ,007233 ,004826 ,pp3204 ,002117 .001393| ,265420| ,129842
4| ,055038 ,027128 ,017690 QL1964 008040 4005372 ,003570 .002362 ,001555 .001020 .0006&7| .135578| .067102
5 .027919 ,013971 .008941 ,005982 .003980 ,002635 ,001736 ,00114n +000745 ,000485 ,000315| .n68386| ,034473
2,05/ 6| .013939 ,007086 .004438 ,Q02940 ,00193%9 ,001273 ,000833 ,000343 ,0900353 ,000228 .000147| .033973| .017354
7| 006853 ,003534 .002166 4001423 000931 4000607 ,000394 ,000256 ,000165 ,000106 ,00006R| 016619 ,0086A7
8| 4003319 ,001733 ,001041 +000679 000441 4000286 000185 ,000119 ,000076 +000049 .000037| .008013| .004230
2.08] 9| ,001585 ,000RA37 .0004%4 .000320 ~.000207 .000133 ,000086 ,000055 ,9p0035 ,000022 ,000014  ,003812| .002020
10| .0p0748 ,000399 .000231 .000149 ,000096 ,000n&1 .000039 ,000025 ,po00l& ,000010 .000006| ,001792| .00059%9
11 ,300000 .172238 4121607 4094701 4073237 4056488 .043448 ,033324 ,025487 .019440 4014787 | .994092
2| ,127762 ,072223 .054818 ,041963 ,032006 .024329 ,L018436 ,01393n ,010497 .007889 ,005916| ,424908
0.7 | 3| (055539 .032345 ,023070 .Q17502 .013234 .009977 .007500 .005624 .004207 .003140 ,002339| .180358
41 ,023194 013763 .009553 +007176 .005376 .004018 4002996 ,002229 001655 ,001227 .000908| .074339
5/ ,009431 ,005706 ,003849 ,002866 002129 ,001579 ,001169 ,000864 ,000637 4000470 .00034S| .029886
1.72| 6| 093725 .002293 .001508 .Q01114 ,000822 .000606 ,000446 ,000327 .000240 .000176 ,000129| 011695
7l .001432 ,000894  ,000576 4000423 .000310 ,000227 .000166 ,000122 000089 4000065 .000047 | .006466|
8| .000538 ,000340 .000215 +000157 .000115 000084 +000061 ,000044 4000032 .000023 000017 | 001667
1.22) 91 ,000198 .000126 +000079 +000057 +000042 «000030 4000022 .0000l1s 000012 .000008 .000006| «000610
10| .000072 ,000046 .0000”°R .0000”)1 000015 ,L000011 ,.000008 .0000n0# ,0N00004 ,000003 .Nn00DOZ| .000220




ss

q+ P=0.4

i + -
war 8] 5| 2t [ eaz gh | pes H | paT gH [ral i |res H [res 5D |RGT I |RGE T Ry 1D [paos 1) | k> | e = p)
1| .700000 ,158986 ,0B240n9 ,033964 ,014149 ,006120 ,002605 ,001074 ,000429 .000166 ,000063|1,000000( ,237057
2| .541014 ,117691 ,057189 ,p26564 ,L011937 .005115 ,.002098 ,000829 ,000318 «000119 ,000044 | ,762943| ,164159
0.3 | 3| .%23323 ,093824 ,045400 .020696 .009134 ,003858 ,001555 ,000613 ,000234 «000087 ,000032| ,598784| ,132432
4| 4329499 073337 ,035748 .016021 4006957 .002901 4001165 ,000453 ,000172 «000064 ,000023| ,466352| ,103674
5| .256162 ,057385 ,027949 .pl2333 ,005278 ,002174 ,000865 ,000334 ,000126 .000046 ,000017| ,362679| ,0812A8
4.29| 61 J1987T7 ,n44886 ,021715 .009447 ,003989 .001626 ,000641 ,00024s .000092 .000034 ,000012| ,281470| .06354]
7| 153891 ,035058 ,016778 .007204 .003005 .001212 ,000474 ,00018] ,000067 2000025 .000009| .217909| .049643
8| .118833 927323 ,.012899 .p05472 ,002257 ,000902 .000350 ,000133 ,000049 «000018 ,000006 | ,168246| ,038771
12.78] 9] 4091510 .021239 .009873 ,004141 .001690 .000670 ,000258 ,000097 4000036 «000013 ,000005| ,129535( ,0300a0
10| .070271 ,o0l6462 ,007527 ,003124 ,001263 ,000496 ,0001%90 ,000071 ,000026 000009 ,0n00003| .099445| ,n23319
1| «600000 .179514 101761 .055605 .029622 .016000 .008539 ,004463 ,00228] «001141 ,000560(1,000000( +309976
2| .420486 120765 ,066636 ,03B8091 ,021095 .011295 .005866 ,002968 ,001469 «000713 _ ,00034] | .690024| ,1958a4
0.41 3| ,299721 ,088088 ,048795 ,027236 ,L014752 ,007752 ,003965 ,00198] ,000970 «000667 ,000221 | ,494140| ,146940
4| ,211633 062577 .035136 .019199 .010199 ,005273 ,002660 ,001314 ,000637 «000304 ,000143| ,349200| .103285
5| .149056 .044579 024939 Q13370 +006983 .003558 .001774 .000867 000417 «000198 .000093 | .245914| 073670
3.321 6| .104477 ,031686 .0]7483 (09215 004741 4002385 ,001176 ,L000579 4000272 000128 ,000060 | ,172244| ,n52345
7| 072791 ,022406 ,012125 ,Q06294 ,003195 ,001589 ,000776 ,000373 ,000177 «000083 ,00003A| ,119880( ,037003
8| ,050384 015740 .00B330 ,004265 .002139 ,001053 ,000510 ,000243 ,000114 .000053 ,000025| 082877 .025944
7.34 9| ,034645 010976 ,005676 .002870 .001424 ,000694 ,000333 ,000158 ,000074 ,000034 ,000016/| ,056913| ,0180a2
10/ .023668 _p07599 .003838 ,001919 .000943 .00n4S6 .000217 .0001n? .000048 -000n22 .n000lo | .038831) .0125n0
1| .500000 .186338 ,112268 ,n74363 ,047512 ,030339 ,019171 ,01194)] ,007325 .004429 ,002642 | ,999994| ,381926
2| +313662 ,112268 ,069736 ,046009 ,029588 ,018592 ,011449 ,006927 ,004128 ,002428 ,001412| ,618068| ,219937
0.5| 3| 201394 ,074363 .046009 .029588 018592 011449 4006927 .00412R .002428 «001412 .000813| 398160 «147222
4| 127032 ,047512 .029588 ,01B8592 ,L,011449 .006927 ,004128 ,00242R ,001412 +000813 ,000464 | ,250939| ,094271
5| .079520 ,030339 .01B592 .0l1449 ,006927 .004128 ,002428 ,0014172 ,000813 «000464 ,000763 | ,156667| ,0601A0
2.660 6 .049181 ,pl19171 011449 .006927 .004128 ,00242R ,001412 ,000813 .000464 « 000263 ,000148 | ,096567| ,0378=0
7| .030010 ,011941 .006927 ,Q04128 ,002428 .001412 ,000813 ,00046& ,000263 «000148 .000082 | .05B717| .023483
8| ,018069 ,007325 .004128 ,0n02428 ,001412 .000R13 ,000464 ,000263 ,000148 +000082 ,000044 | .n35234( ,014350
4.24 9| .010744 ,004429 002428 .p0l412 ,000813 .000464 ,000263 ,000148 ,000082 «000046 .000025 | .020884| 008646
10| 006315 .p02642 .0N01412 .000813 L000464 .0007263 ,00014R .000082 ,000046 «000025 .000014 | ,012240| .005129
1| +400000 ,179514 .114228 .(086332 ,063272 .046045 ,033195 ,023689 ,016736 ,011710 .00812)| .999825| ,45350)
0.6| 2| +220686 ,095224 066636 .04B795 ,035136 .024939 .017483 ,012125 ,00833¢ +005676 .003838 | ,546234| ,23827)
’ 3| .125262 ,056614 .038091 4027236 .019199 .013370 .009215 ,006294 ,004265 ,002870 ,0n1919| ,308023| ,140387
4| 4068648 031774 .021095 .014752 ,010199 .006983 ,004741 ,003195 ,002139 .001424 ,000943| ,167666| ,078337
2.20 5| +036874 017559 ,011295 .007752 .005273 .003558 ,002385 ,001589 ,001053  ,000694 ,000456 | ,089329 .o4zqno
: 6| 2019314 ,009463 .005866 .003965 ,002660 .001774 ,001176 ,000774 .000510 .000333 ,000217| .046428| ,0228s2
7| «009871 ,004937 .002968 4001981 001314 .000R67 ,000570 ,000373 .000243 000158 ,000102| .n23567| 011885
9.50 8| 004935 002515 «001469 .000970 .000637 ,000417 ,000272 ,000177 ,000114é +000074 ,000048| ,011712| .005998
: 9| .002419 ,001253 ,000713 .000467 ,000304 ,000198 ,000128 000083 ,000053 «000034 ,000022| 005713 .002971
10| -001166 .000612 .n00341 .000221 ,000143 ,000093 .0000A0 .D0003R .000025 .000016 .000010| .002743| .n01444
1| .300000 .158986 .107823 ,089087 ,072330 .058297 .046656 ,037089 .029299 .023010 .017973| .997330| .526590
-2 .14)014 ,072541 .057189 .(Q45400 .035748 ,027949 ,021715 ,016778 .(012899 «009873 ,007527 | 470740 250793
0.7] 3| ,068473 ,037573 ,026564 ,020696 016021 ,012333 ,009447 ,007206 ,005472 «004)41 ,003124| ,219948| ,122406
4| 030900 .017540 4011937 4009134 .006957 .005278 003989 ,003005 4002257 4001690 .0n1263| 097452 055941
5| .013360 ,007830 4005115 .003858 ,002901 .002174 .001626 ,001212 ,000902 +000670 .000496 | .041490| «024532
1.8 6| ,005529 ,003326 .002098 .001565 .001165 .000865 ,000641 ,000474 ,000350 .000258 ,000190| .016968| ,010248
£ .nozzo§ .001353 .000829 .000613 ,000453 ,000334 ,000246 ,00018) ,000133 ,000097 . ,000071| 006700/ .004121
8 ,000851 ,000531 .0Q0318 .Q00234 .000172 ,000126 .000097 ,000067 .0000%9 «000036 L,000026| ,002569 .uoiaam
1.471 9| .000320 ,000202 ,900119 ,000087 ,000064 ,000046 ,000034 ,000025 ,000018 ,000013 ,000009| ,000961| ,0006A79
10| 000118 .000075 4000044 ,000032 4000023 .000017 .000012 ,000009 4000006 4000005 4000003| 000352 4000275




9s

g, P=0.5
EN
varN) 5| et | ras gh[ees N [ealah [ ret 3N [ 6T ah | el dh [ pan g | pet gh (et N [raod iM] ea®s 5y | eat =p)
1| 700000 ,145403 ,087720 .037423 .016156 ,007476 ,003377 ,001457 ,000601 ,000239 ,000092 (1,000000 |.2229%2
2| «554597 107538 .058961 (030165 014583 ,006572 .002792 .001132 4000442 ,000168 .000062 | 777048 147124
0.3 | 3| ,447059 ,090239 .043708 .g24114 ,011338 ,005008 ,002097 ,000842 ,000326 ,000123 .000045 | ,629924 |.126770
4| ,356820 072494 ,039629 ,0l19077 .008B757 ,003800 ,001571 ,000624 000240 ,000090 ,000033 | .503154 |,.102025
5| .284326 ,058426 ,031844 ,0l4961 ,006725 ,002B73 ,001174 ,000462 ,000177 .000066 ,000024 | .401069 |.082306
4.69) 6| .225900 ,04T7080 .025325 .)l1646 .005138 ,.002164 ,000875 ,000342 000130 .000048 .000018 | .318673 |.066450
7| .17RB20 ,037847 ,01996% .Q09007 .003%909 .001625 ,.000650 ,000252 ,LQ00095 .000035 ,L000013 | ,252223 |.0534137
8| .140973 _030311 ,015619 ,006927 ,002961 ,001217 .000482 ,00018¢ ,L000070 ,000026 ,000009  .198786 |.042708
15.46) 9| ,110662 ,024167 .012140 .005301 .002236 ,000909 .000357 ,000137 .000051 000019 .000007 | .155988 |.034117
10| 086495 _019175 .009381 .004039 .001682 ,000677 .000254 ,000100 +000037 .000014 ,000005 | 4121871 |+027040
1| .600000 .164154 ,191591 ,.059378 ,033112 ,.018996 ,010701 ,005843 ,003090 4001589 ,000797 [1,000000 |.290142
2| «%35846 ,111728 .066493 .041780 024791 4013951 ,007515 ,L00390R +001976 +000976 000473 | ,709858 |.177623
0.4 | 3| 4324119 ,087055 .051875 «031197 .017861 4009779 .005158 .002639 001317 .000643 .000309 | «532225 |.1425R2
4| ,237063 064254 .039204 .Q22752 ,L01265]1 _.006770 .003507 001769 .000872.  .000422 ,00020] | ,3B89643 |.105759
5| ,1728n9 047772 ,028905 ,Ql6286 ,008837 ,004637 ,002345 ,00117" ,000575 ,000276 ,00013] | ,2B3884 |,07B746
3.60| 6| ,125037 ,035398 ,020894 ,0l1481 ,006102 ,003148 ,001584 ,000780 ,000377 ,000180 ,000084.[ ,205138 |.058332
7| .089639 026002 .014859 ,007991 ,004171 ,002121 ,001054 ,000514 .000247 ,000117 ,000054 | ,146816 |(,042777
8| .063637 018893 .0l0425 ,005502 ,002827 001419 ,L000698 ,000337 .000161 ,000075 ,000035 | ,104039 |,0310820
8.65| 9| ,044744 ,013570 +007230 +003754 001902 000944 .000460 ,000220 +000104 4000049 .000022 | 073018 |.022235
10| .031174  ,009639 .004944 ,002540 .001272 ,000624 ,000301 ,000143 000067 ,00003]1 ,000014 ,050784 !,015741 |
1| .500000 ,.170423 ,1051n6 .076062 ,051369 ,034728 ,023073 ,014985 ,009513 ,005916 ,0n3611 | .999999 |.355363
2| .329577 ,105106 .06RR33 ,(049337 ,033712 ,022169 .014137 008793 ,005357 .003209 .0n1894 | ,644696 |,202982
0.5 | 3| 224472 076062 .049337 ,Q33712 ,022169 .014137 ,008793 ,005357 ,003209 ..001894 . ,0nlloé | .441714 [.150002
4 4| ,l4841n ,051369 ,033712 .022169 ,014137 ,008793 ,005357 ,003209 ,Q01894 ,001104 ,000637 | ,291622 |,101721
5| ,097041 ,034728 ,027169 ,914137 008793 ,005357 ,n03209 ,0018%94 ,00l104 ,000637 ,000364 | ,189901 |,06R5&2
2.88( 6| ,062314 ,023073 .014137 ,008793 ,L005357 ,003209 .001894 ,001104 4000637 ,000364 ,000206 | .121349 |,045208
7| .039241  ,0l14985 ,p08793 ,005357 ,003209 .001894 .001104 ,000637 000364 ,000206 ,000116 | .076051 [.,029249
8| .024256 009513 ,005357 .003209 .001894 ,001104 .000637 ,000364 .0N00206 ,000116 ,L0D006S | ,046802 «018448
4.98| 9| ,014743 _005916 ,003209 .001894 ,00110%4 .000637 ,000364 ,000204 «000116 ,000065 .000036 | ,028333 |.nl11428
10| .008827 .003611 .001894 ,npllo4 ,L000637 .000366 .000206 ,00011s 000065 .000036 ,000020 | ,016905 |.006947
1| ,400000 ,164154 ,10a784 ,pB3T7T2 ,065349 ,050267 ,037998 ,028224 ,n20623 ,L01484T7 ,n10548 | ,999929 |.418424
2| .235846 090647 .066493 ,)51875 .039204 .028905 .0n20894 ,014859 ,010425 ,007230 ,0n4964 | 581505 |.2271%0
0.6 | 3| ,145199 ,060837 .041780 4031197 .022752 ,016286 ,011481 ,00799] .005502 .003754 ,002540 | .354355 |,150344
4 ,084362 ,0n36760 .024791 .017861 ,012651 .008837 ,006102 ,00417] .0p02827 ,001902 ,001272 | .203990 |.090138
5| ,047601 ,021681 ,011395] .009779 ,006770 ,004637 .003148 ,002121 «N01419 ,000944 ,000624 | ,113852 |,0524k6
2.38| 6| ,025921 .0l2265 .007515 .Q05158 .003507 .002365 .001584 001054 .000698. .000460 .000301 [ .061386 |.029316
7| .013655 _006664 ,003908 ,0n02639 .001749 ,001178 ,000780 ,000514 ,000337 ,000220 ,000143 | ,032069 |.,015745
8| ,006991 003497 _.001976 .001317 .000872 ,000575 ,000377 .000?41 .000161 ,000104 ,000067 | .016304 |.008204
2.90| 9| ,003494 ,001783 .000976 .N00643 .000422 ,000276 ,000180 ,000117 .000075 .000049 .00003] | .008101 «004184
(10| .001711 _000887 .000473 .000309 .000201 L000131 .000094 000054 .000035 .000022 .000014 | .003947 |.002055
1| +300000 ,145403 .091018 ,0B1704 .070567 .059910 .05010» ,04135) ,033736 ,027245 .n~1805 | ,998407 |.4B174A9
2| «154597 ,071200 058961 4048708 .039629 ,031R44 025325 ,019964 015619 .012140 ,009381 | ,516637 |.252774
0.7 | 3| .,083397 ,043205. .030165 .Q24114 .019077 .014961 ,011646 ,009007 .006927 .005301 004039 | ,263933 |.139615
4| ,040191 ,021938 ,014583 ,011338 ,00B757 ,006725 ,005138 ,003909 ,002961 ,002236 ,0n1682| ,124319 |.068896
5| .018253 ,0lp425 .006572 .Q05008 ,003800 .002873 ,002164 ,001625 ,001217 .000909 .000677 | ,055422 [,031982
2.00| | ,007828 ,004626 ,002792 ,002097 ,001571 ,001174 ,000875 ,000450 ,000482 ,000357 ,000264( ,023440 [,01395]
7| <003262  C001941 .001132 «000842 ,0D00624 ,000462 .,000342 ,000252 .000186 000137  ,000100| .009489 |.005781
8| .001261 000779 .000442 ,000326 ,000240 ,000177 ,000130 ,00009% ,000070 .000051 ,000037| ,003707 (.002300
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A method is developed for investigating time series structure by
using the mean run-length parameter. This method is distribution-
free. Applications to selected annual precipitation series and
annual runoff series demonstrate the feasibility of this method.
Analytical expressions are developed by which the probabilities of
sequences of wet and dry years of specified lengths can be calculated
when the basic hydrologic time series is either an independent or

a dependent stationary series of a variable which follows the first-
order linear autoregressive model. Numerical values of probabilities
of run-lengths are obtained by the digital computer integration of
expansion equations for run-length probabilities of the first-order
linear autoregressive model. A set of tables and a set of graphs

are presented to make the numerical values readily useable. Probabil-
ities of run-lengths of dependent variables with a common distribution
are also distribution free. The significance of this investigation,
and several applications in the text, are based on the premise that
Tun-lengths, as statistical properties of time series, represent
attractive parameters in studying droughts and surpluses,
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